Supporting Material

Sample demographic
Table S1: Sample breakdown by BT adoption year and by industry
	Year
	Frequency
	Year
	Frequency

	2015
	1
	2018
	56

	2016
	6
	2019
	40

	2017
	17
	2020
	10



	Industry
	 
	 
	SIC code
	Number of companies

	Manufacturing
	
	20-39
	50

	Services
	
	70-89
	21

	Retail trade
	52-59
	15

	Transportation and public utilities
	40-49
	13

	Mining
	10-14
	13

	Finance, insurance and real estate
	60-67
	12

	Wholesale trade
	50-51
	5

	Agriculture, forestry and fishing
	
	01-09
	1

	TOTAL
	 
	 
	 
	130



Source: Authors own creation
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Correlation matrix


	
	Regulation
	Industry competition
	Supply chain position
	Firm size
	Year
	Pre-adoption ROA
	Capital intensity
	Industry efficiency
	Industry size
	Physical object
	Smart contract

	Regulation
	1.00
	
	
	
	
	
	
	
	
	
	

	Industry competition
	0.25***
	1.00
	
	
	
	
	
	
	
	
	

	Supply chain position
	-0.11
	0.19**
	1.00
	
	
	
	
	
	
	
	

	Firm size
	0.15*
	0.13
	0.21**
	1.00
	
	
	
	
	
	
	

	Year
	0.10
	0.11
	0.04
	0.00
	1.00
	
	
	
	
	
	

	Pre-adoption ROA
	0.05
	0.11
	0.24***
	0.56***
	0.01
	1.00
	
	
	
	
	

	Capital intensity
	-0.04
	-0.18**
	-0.01
	-0.10
	0.06
	-0.17**
	1.00
	
	
	
	

	Industry efficiency
	0.12
	0.49***
	0.39***
	0.20**
	-0.07
	0.26***
	-0.45***
	1.00
	
	
	

	Industry size
	0.25***
	0.51***
	0.12
	0.30***
	0.00
	-0.05
	0.04
	0.13
	1.00
	
	

	Physical object
	0.17*
	-0.05
	-0.15*
	0.00
	0.13
	-0.03
	-0.15*
	0.03
	-0.18**
	1.00
	

	Smart contract
	0.08
	0.01
	-0.20**
	0.15*
	0.25***
	-0.08
	-0.06
	-0.15*
	0.10
	-0.12
	1.000


Table S2: Correlation matrix

	Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation



Study extension
Table S3: Extended OLS analysis results
	Dependent variable=ROA (t-2 to t+1)
	OLS regression (n=128)
	 

	
	
	
	

	 
	Estimated coefficients (Robust Standard errors)
	Statistical significance
	VIF
	

	Independent variables
	 
	
	 
	

	Regulation
	0.035 (0.051)
	0.4981
	1.5630
	

	Industry competition
	-0.361 (0.951)
	0.7053
	2.0365
	

	Supply chain position
	0.048 (0.014)
	0.0009***
	1.4831
	

	Consortium
	-0.050 (0.078)
	0.5199
	1.3205
	

	
	
	
	
	

	Control variables
	
	
	
	

	Firm size
	0.025 (0.026)
	0.3316
	2.3202
	

	Year
	0.011 (0.015)
	0.4670
	1.2608
	

	Pre-adoption ROA
	-0.684 (0.325)
	0.0373**
	2.0388
	

	Capital intensity
	-0.002 (0.003)
	0.4783
	1.4396
	

	Industry efficiency
	0.140 (0.304)
	0.6457
	2.2998
	

	Industry size
	-0.022 (0.033)
	0.5041
	2.8680
	

	Physical object
	-0.040 (0.034)
	0.2424
	1.3758
	

	Smart contract
	0.073 (0.036)
	0.0449**
	1.4060
	

	Industry dummies
	Included
	
	
	

	
	
	
	
	

	Adjusted R^2
	19.66%
	
	
	





	Dependent variable=ROA (t-2 to t+2)
	OLS regression (n=118)
	 

	
	
	
	

	 
	Estimated coefficients (Robust Standard errors)
	Statistical significance
	VIF
	

	Independent variables
	 
	
	 
	

	Regulation
	0.047 (0.026)
	0.0732*
	1.6134
	

	Industry competition
	-0.732 (0.446)
	0.1037
	1.9939
	

	Supply chain position
	0.047 (0.014)
	0.0009***
	1.5755
	

	Consortium
	0.038 (0.030)
	0.2037
	1.3025
	

	
	
	
	
	

	Control variables
	
	
	
	

	Firm size
	0.004 (0.011)
	0.7441
	2.4443
	

	Year
	-0.005 (0.013)
	0.7089
	1.1890
	

	Pre-adoption ROA
	-0.193 (0.097)
	0.0495**
	2.0634
	

	Capital intensity
	0.000 (0.001)
	0.9043
	1.6813
	

	Industry efficiency
	-0.311 (0.275)
	0.2603
	2.9339
	

	Industry size
	0.005 (0.014)
	0.7245
	2.8506
	

	Physical object
	0.003 (0.028)
	0.9274
	1.4441
	

	Smart contract
	0.038 (0.022)
	0.0824*
	1.3731
	

	Industry dummies
	Included
	
	
	

	
	
	
	
	

	Adjusted R^2
	16.37%
	
	
	


Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
COVID-19 Impact
As argued by Xiong et al. (2021), there may be biases related to firms that adopted BT in 2020 due to the effects of the COVID-19 pandemic. These firms were removed from the analysis, leading to the same results (Table S4 and Table S5).
Table S4: Results of the event study after removing firms that have adopted BT in 2020
	
	
	
	
	
	
	
	Period
	Normality
	Skewness
	N
	AP
Mean
	AP
Median
	p-value
(WSR)
	p-value
(sign test)

	Profitability
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	116
	-0.90%
	0.18%
	0.498
	0.258

	
	
t-2 to t-1

	NO
	S
	118
	2.05%
	0.89%
	0.004***
	0.001***

	
	
t-1 to t

	NO
	S
	118
	-1.23%
	0.10%
	0.423
	0.323

	
	
t to t+1

	NO
	
	118
	0.92%
	0.44%
	0.211
	0.116

	
	
t+1 to t+2

	NO
	S
	118
	0.31%
	0.39%
	0.236
	0.048**

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	118
	0.82%
	0.69%
	0.056*
	0.017**

	
	t to t+2 (post-adoption window)
	NO
	
	118
	1.23%
	0.79%
	0.032**
	0.010**

	
	t-2 to t+1 (first-year post-adoption)
	NO
	S
	118
	1.74%
	1.56%
	0.001***
	0.001***

	
	t-2 to t+2 (full event window)
	NO
	S
	118
	2.05%
	1.99%
	0.000***
	0.000***



	Labor productivity
	
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	109
	-3492.21
	-1045.75
	0.586
	0.831

	
	
t-2 to t-1

	NO
	S
	110
	-16268.06
	1809.97
	0.053*
	0.147

	
	
t-1 to t

	NO
	S
	110
	30699.36
	126.79
	0.199
	0.538

	
	
t to t+1

	NO
	S
	110
	6452.32
	4232.21
	0.091*
	0.035**

	
	
t+1 to t+2

	NO
	
	110
	9051.87
	4477.23
	0.210
	0.147

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	110
	14431.30
	4395.03
	0.025**
	0.022**

	
	t to t+2 (post-adoption window)
	NO
	S
	110
	15504.19
	9068.78
	0.014**
	0.003***

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	110
	20883.62
	7482.96
	0.002***
	0.008***

	
	t-2 to t+2 (full event window)
	NO
	
	110
	29935.49
	14656.81
	0.000***
	0.000***



	Operating cycle
	
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	98
	-0.91
	1.37
	0.858
	0.818

	
	
t-2 to t-1

	NO
	S
	102
	1.44
	-1.36
	0.067*
	0.099*

	
	
t-1 to t

	NO
	S
	100
	-7.05
	-2.51
	0.074*
	0.018**

	
	
t to t+1

	NO
	S
	101
	-2.93
	1.38
	0.890
	0.945

	
	
t+1 to t+2

	NO
	S
	103
	-5.86
	1.30
	0.532
	0.916

	Multi-year periods
	t-2 to t (adoption window)
	NO
	S
	101
	-7.82
	-3.84
	0.002***
	0.000***

	
	t to t+2 (post-adoption window)
	NO
	S
	100
	0.89
	0.96
	0.829
	0.816

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	104
	-4.17
	-2.95
	0.058*
	0.140

	
	t-2 to t+2 (full event window)
	NO
	S
	103
	-10.14
	-3.21
	0.040**
	0.005***



	Sales performance
	
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	
	110
	-2.13%
	1.16%
	0.338
	0.196

	
	
t-2 to t-1

	NO
	S
	114
	4.95%
	-1.09%
	0.464
	0.800

	
	
t-1 to t

	NO
	
	114
	-0.64%
	-1.13%
	0.577
	0.680

	
	
t to t+1

	NO
	
	114
	2.10%
	-0.18%
	0.464
	0.680

	
	
t+1 to t+2

	NO
	S
	114
	-3.03%
	1.53%
	0.625
	0.200

	Multi-year periods
	t-2 to t (adoption window)
	NO
	S
	114
	4.32%
	0.48%
	0.303
	0.389

	
	t to t+2 (post-adoption window)
	NO
	
	114
	-0.94%
	-1.39%
	0.596
	0.611

	
	t-2 to t+1 (first-year post-adoption)
	NO
	S
	114
	6.41%
	-0.11%
	0.286
	0.680

	
	t-2 to t+2 (full event window)
	NO
	S
	114
	3.38%
	1.68%
	0.257
	0.200


Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation

Table S5: Results of the OLS analysis after removing firms that have adopted BT in 2020
	Dependent variable=ROA (t-2 to t+1)
	OLS (n=118)
	 

	
	
	
	

	 
	Estimated coefficients (Robust Standard errors)
	Statistical significance
	VIF
	

	Independent variables
	 
	
	 
	

	Regulation
	0.007 (0.038)
	0.8494
	1.5930
	

	Industry sompetition
	-0.302 (0.843)
	0.7206
	1.9832
	

	Supply chain position
	0.047 (0.017)
	0.0062***
	1.5755
	

	
	
	
	
	

	Control variables
	
	
	
	

	Firm size
	0.023 (0.022)
	0.3027
	2.3321
	

	Year
	0.007 (0.020)
	0.7309
	1.1827
	

	Pre-adoption ROA
	-0.679 (0.325)
	0.0393**
	2.0355
	

	Capital intensity
	-0.001 (0.004)
	0.7818
	1.6795
	

	Industry efficiency
	0.286 (0.601)
	0.6347
	2.9306
	

	Industry size
	-0.025 (0.033)
	0.4600
	2.8469
	

	Physical object
	-0.032 (0.040)
	0.4267
	1.4404
	

	Smart contract
	0.071 (0.038)
	0.0680*
	1.3268
	

	Industry dummies
	Included
	
	
	

	
	
	
	
	

	Adjusted R^2
	19.19%
	
	
	


	Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
Multiple testing 
The event study approach tests individual cross sections (i.e., time intervals) against each other, increasing the likelihood of the occurrence of type I errors (i.e., false positives) due to multiple comparisons. In line with previous contributions (e.g., Yang et al., 2021; Orzes et al., 2017), we applied the Benjamini and Hochberg (1995) false discovery rate methodology to the performance dimensions that were found to be significant (i.e., profitability, labor productivity, operating cycle). The results (Table S6) are very close to those of the main analysis.
Table S6: Results of the event study after controlling for multiple testing 
	
	
	
	
	
	
	
	Period
	Normality
	Skewness
	N
	AP
Mean
	AP
Median
	Benjamini-Hochberg p-value (WSR)
	Benjamini-Hochberg p-value (sign test)

	Profitability
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	126
	-0.93%
	0.10%
	0.676
	0.465

	
	
t-2 to t-1

	NO
	S
	128
	1.87%
	0.77%
	0.019**
	0.009***

	
	
t-1 to t

	NO
	S
	128
	-1.04%
	0.19%
	0.356
	0.240

	
	
t to t+1

	NO
	
	128
	1.23%
	0.48%
	0.195
	0.119

	
	
t+1 to t+2

	NO
	S
	118
	0.31%
	0.39%
	0.304
	0.072*

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	128
	0.84%
	0.87%
	0.074*
	0.024**

	
	t to t+2 (post-adoption window)
	NO
	
	118
	1.23%
	0.79%
	0.073*
	0.024**

	
	t-2 to t+1 (first-year post-adoption)
	NO
	S
	128
	2.07%
	1.73%
	0.001***
	0.001***

	
	t-2 to t+2 (full event window)
	NO
	S
	118
	2.05%
	1.99%
	0.001***
	0.001***



	Labor productivity
	
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	120
	-2966.39
	-885.41
	0.544
	0.842

	
	
t-2 to t-1

	NO
	S
	120
	-16658.61
	1809.97
	0.117
	0.203

	
	
t-1 to t

	NO
	S
	120
	30961.81
	719.31
	0.191
	0.441

	
	
t to t+1

	NO
	S
	120
	5766.89
	4582.19
	0.129
	0.049**

	
	
t+1 to t+2

	NO
	
	110
	9051.87
	4477.23
	0.237
	0.203

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	120
	14303.20
	4730.75
	0.048**
	0.040**

	
	t to t+2 (post-adoption window)
	NO
	S
	110
	15504.19
	9068.78
	0.043**
	0.012**

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	120
	20070.09
	9066.60
	0.005***
	0.012**

	
	t-2 to t+2 (full event window)
	NO
	
	110
	29935.49
	14656.81
	0.003***
	0.002***



	Operating cycle
	
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	107
	-0.28
	1.72
	0.916
	0.916

	
	
t-2 to t-1

	NO
	S
	111
	1.52
	-1.19
	0.178
	0.308

	
	
t-1 to t

	NO
	S
	109
	-6.51
	-2.06
	0.178
	0.082*

	
	
t to t+1

	NO
	S
	110
	-3.67
	1.30
	0.916
	0.916

	
	
t+1 to t+2

	NO
	S
	103
	-5.86
	1.30
	0.798
	0.916

	Multi-year periods
	t-2 to t (adoption window)
	NO
	S
	110
	-7.03
	-3.84
	0.038**
	0.001***

	
	t to t+2 (post-adoption window)
	NO
	S
	100
	0.89
	0.96
	0.916
	0.916

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	113
	-4.64
	-3.07
	0.104
	0.101

	
	t-2 to t+2 (full event window)
	NO
	S
	103
	-10.14
	-3.21
	0.121
	0.023**


Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
Two-tailed tests
One-tailed tests appeared more appropriate given the direction of the hypotheses illustrated in Section 3 (Lo et al., 2009). However, to ensure that BT adoption did not result in unexpected effects, we also performed two-tailed tests (Lo et al., 2014). The results (Table S7) are very close to those reported in the main analyses.
Table S7: Results of the event study after performing two-tails tests 
	
	
	
	
	
	
	
	Period
	Normality
	Skewness
	N
	AP
Mean
	AP
Median
	Two-tail p-value (WSR)
	Two-tail p-value (sign test)

	Profitability
	
	
	
	


	Single-year periods
	t-3 to t-2
	NO
	S
	126
	-0.93%
	0.10%
	0.649
	0.929

	
	
t-2 to t-1

	NO
	S
	128
	1.87%
	0.77%
	0.012***
	0.006***

	
	
t-1 to t

	NO
	S
	128
	-1.04%
	0.19%
	0.634
	0.426

	
	
t to t+1

	NO
	
	128
	1.23%
	0.48%
	0.260
	0.185

	
	
t+1 to t+2

	NO
	S
	118
	0.31%
	0.39%
	0.473
	0.096*

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	128
	0.84%
	0.87%
	0.082*
	0.027**

	
	t to t+2 (post-adoption window)
	NO
	
	118
	1.23%
	0.79%
	0.065*
	0.021**

	
	t-2 to t+1 (first-year post-adoption)
	NO
	S
	128
	2.07%
	1.73%
	0.001***
	0.001***

	
	t-2 to t+2 (full event window)
	NO
	S
	118
	2.05%
	1.99%
	0.001***
	0.000***



Labor productivity
	Single-year periods
	t-3 to t-2
	NO
	S
	120
	-2966.39
	-885.41
	0.914
	0.411

	
	
t-2 to t-1

	NO
	S
	120
	-16658.61
	1809.97
	0.130
	0.315

	
	
t-1 to t

	NO
	S
	120
	30961.81
	719.31
	0.298
	0.784

	
	
t to t+1

	NO
	S
	120
	5766.89
	4582.19
	0.172
	0.055*

	
	
t+1 to t+2

	NO
	
	110
	9051.87
	4477.22
	0.421
	0.294

	Multi-year periods
	t-2 to t (adoption window)
	NO
	
	120
	14303.20
	4730.75
	0.043**
	0.035**

	
	t to t+2 (post-adoption window)
	NO
	S
	110
	15504.19
	9068.78
	0.028**
	0.005***

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	120
	20070.09
	9066.60
	0.002***
	0.008***

	
	t-2 to t+2 (full event window)
	NO
	
	110
	29935.49
	14656.81
	0.001***
	0.000***




Operating cycle
	Single-year periods
	t-3 to t-2
	NO
	S
	107
	-0.28
	1.72
	0.170
	0.334

	
	
t-2 to t-1

	NO
	S
	111
	1.52
	-1.19
	0.182
	0.343

	
	
t-1 to t

	NO
	S
	109
	-6.51
	-2.06
	0.198
	0.055*

	
	
t to t+1

	NO
	S
	110
	-3.67
	1.30
	0.549
	0.505

	
	
t+1 to t+2

	NO
	S
	103
	-5.86
	1.30
	0.938
	0.237

	Multi-year periods
	t-2 to t (adoption window)
	NO
	S
	110
	-7.03
	-3.84
	0.008***
	0.000***

	
	t to t+2 (post-adoption window)
	NO
	S
	100
	0.89
	0.96
	0.344
	0.484

	
	t-2 to t+1 (first-year post-adoption)
	NO
	
	113
	-4.64
	-3.07
	0.046**
	0.090*

	
	t-2 to t+2 (full event window)
	NO
	S
	103
	-10.14
	-3.21
	0.081*
	0.010**



Sales performance
	Single-year periods
	t-3 to t-2
	NO
	
	119
	-1.50%
	1.27%
	0.490
	0.271

	
	
t-2 to t-1

	NO
	S
	123
	4.71%
	-0.92%
	0.849
	0.589

	
	
t-1 to t

	NO
	
	123
	-0.86%
	-1.30%
	0.682
	0.719

	
	
t to t+1

	NO
	
	123
	2.88%
	0.04%
	0.547
	1.000

	
	
t+1 to t+2

	NO
	S
	114
	-3.03%
	1.53%
	0.752
	0.399

	Multi-year periods
	t-2 to t (adoption window)
	NO
	S
	123
	3.85%
	-0.26%
	0.817
	1.000

	
	t to t+2 (post-adoption window)
	NO
	
	114
	-0.94%
	-1.39%
	0.810
	0.925

	
	t-2 to t+1 (first-year post-adoption)
	NO
	S
	123
	6.74%
	0.10%
	0.291
	1.000

	
	t-2 to t+2 (full event window)
	NO
	S
	114
	3.38%
	1.68%
	0.514
	0.399


Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
Additional regression with two variables defining the position along the supply chain
To ensure that the results of the OLS regression were not affected by the operationalization of the variable “Supply chain position,” an alternative procedure was followed. Two variables were defined: the first, “Supply chain manufacturing,” took the value “1” for raw material suppliers, “2” for component suppliers, “3” for original equipment manufacturers, and “0” otherwise. The second, “Supply chain services,” took the value “1” for raw material-related service providers (e.g., contract drilling) and utilities, “2” for B2B service providers, “3” for B2B and B2C service providers, “4” for distributor/retailers and B2C service providers, and “0” otherwise. As can be seen from Table S8, the results are very close to those reported in the main analyses; both the variables are significant, and the coefficients have similar sizes.
Table S8: Results of the OLS analysis with alternative independent variables
	Dependent variable=ROA (t-2 to t+1)
	OLS (n=128)
	 

	
	
	
	

	 
	Estimated coefficients (Robust Standard errors)
	Statistical significance
	VIF
	

	Independent variables
	 
	
	 
	

	Regulation
	0.024 (0.040)
	0.5525
	1.5280
	

	Industry competition
	-0.457 (0.854)
	0.5941
	2.0848
	

	Supply chain manufacturing
	0.052 (0.023)
	0.0282**
	6.5938
	

	Supply chain services
	0.045 (0.014)
	0.0016***
	4.6633
	

	
	
	
	
	

	Control variables
	
	
	
	

	Firm size
	0.022 (0.023)
	0.3262
	2.2054
	

	Year
	0.014 (0.014)
	0.3400
	1.2436
	

	Pre-adoption ROA
	-0.669 (0.320)
	0.0385**
	2.0095
	

	Capital intensity
	-0.002 (0.003)
	0.5175
	1.6430
	

	Industry efficiency
	0.165 (0.337)
	0.6258
	2.5510
	

	Industry size
	-0.023 (0.035)
	0.5140
	2.8794
	

	Physical object
	-0.044 (0.040)
	0.2675
	1.4022
	

	Smart contract
	0.064 (0.035)
	0.0745*
	1.3681
	

	Industry dummies
	Included
	
	
	

	
	
	
	
	

	Adjusted R^2
	18.42%
	
	
	



	Dependent variable=ROA (t-2 to t+2)
	OLS (n=118)
	 

	
	
	
	

	 
	Estimated coefficients (Robust Standard errors)
	Statistical significance
	VIF
	

	Independent variables
	 
	
	 
	

	Regulation
	0.053 (0.026)
	0.0398**
	1.5935
	

	Industry competition
	-0.702 (0.450)
	0.1222
	2.0169
	

	Supply chain manufacturing
	0.053 (0.018)
	0.0040***
	7.6161
	

	Supply chain services
	0.046 (0.015)
	0.0023***
	4.5984
	

	
	
	
	
	

	Control variables
	
	
	
	

	Firm size
	0.005 (0.011)
	0.6199
	2.3325
	

	Year
	-0.006 (0.013)
	0.6176
	1.1829
	

	Pre-adoption ROA
	-0.205 (0.101)
	0.0447**
	2.0464
	

	Capital intensity
	-0.000 (0.002)
	0.9460
	2.0515
	

	Industry efficiency
	-0.354 (0.268)
	0.1890
	3.6013
	

	Industry size
	0.006 (0.015)
	0.6951
	2.8477
	

	Physical object
	0.004 (0.029)
	0.8943
	1.4578
	

	Smart contract
	0.045 (0.023)
	0.0465**
	1.3275
	

	Industry dummies
	Included
	
	
	

	
	
	
	
	

	Adjusted R^2
	15.15%
	
	
	


Note: 1) when removing the industry dummies, the maximum VIF becomes <5 and the results still hold
2) *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
Heckman two-step approach
While in our main analysis we accounted for potential selection issues based on observable firm characteristics, further concerns may arise from unobservable characteristics (Heckman, 1976; 1979). Consistent with Klöckner et al. (2022), we addressed this aspect by using the Heckman two-step estimation approach. In the first step, we modeled the firm decision to implement and announce a BT initiative. In the second, we re-estimated the OLS regression including the selection parameter (i.e., the inverse Mills ratio – IMR). 
For the first stage, we considered the control group resulting from the long-term event study, namely, non-BT adopting firms operating in the same industry as the sampled companies and with similar characteristics (i.e., size and pre-adoption ROA). We then estimated the likelihood of them announcing BT adoption. This step builds on identifying at least one variable (called “exclusion restriction” – Culot et al., 2023; Certo et al., 2016) that can explain the announcement of BT implementation but is uncorrelated with the regressand. Following Culot et al. (2023) and Lu and Shang (2017), the age of the firm was chosen for this purpose. To account for other possible factors, we added the firm- and industry-level variables that were included in the main analysis (i.e., Firm size, Year, Pre-adoption ROA, Capital intensity, Industry efficiency, Industry dummies). The results are reported in Table S9.
The outcomes of the first stage were used to compute the IMR, which was then added to the OLS model. The results (Table S9) confirm the main analysis. Moreover, the fact that the IMR was not significant provides further evidence of the absence of self-selection issues (Klöckner et al., 2022).
Table S9: Results for Heckman Two-Step Procedure
	Dependent variable= Blockchain adoption
	N=982 (Probit)
	
	
	
	

	
	
	
	Dependent variable= ROA (t-2 to t+1)
	N=128 (OLS)

	 
	Estimated coefficients
	Statistical significance
	
	
	Estimated coefficients
	Statistical significance

	Independent variables 
	 
	
	
	

	Regulation
	
	
	
	
	0.024 (0.040)
	0.5452

	Industry competition
	
	
	
	
	-0.439 (0.868)
	0.6142

	Supply chain position
	
	
	
	
	0.047 (0.015)
	0.0020***

	
	
	
	
	
	
	

	Control variables
	
	
	
	
	

	Firm size
	0.117 (0.036)
	0.0013***
	
	
	0.021 (0.037)
	0.5788

	Year
	-0.094 (0.052)
	0.0676*
	
	
	0.015 (0.021)
	0.4847

	Pre-adoption ROA
	-0.621 (0.312)
	0.0464**
	
	
	-0.661 (0.303)
	0.0315**

	Capital intensity
	-0.025 (0.018)
	0.1676
	
	
	-0.002 (0.002)
	0.4513

	Industry efficiency
	-0.712 (0.678)
	0.2934
	
	
	0.187 (0.327)
	0.5682

	Industry size
	-0.078 (0.066)
	0.2331
	
	
	-0.022 (0.040)
	0.5884

	Physical object
	
	
	
	
	-0.043 (0.041)
	0.3011

	Smart contract
	
	
	
	
	0.063 (0.034)
	0.0658*

	Age
	0.003 (0.001)
	0.0026***
	
	
	
	

	IMR
	
	
	
	
	-0.016 (0.161)
	0.9229

	Industry dummies
	Included
	
	
	
	Included
	

	
	
	
	
	
	
	

	
	
	
	
	
	
	

	McFadden R^2, Adjusted R^2
	11.35%
	
	
	
	18.99%
	



	Dependent variable= Blockchain adoption
	N=901 (Probit)
	
	
	
	

	
	
	
	Dependent variable= ROA (t-2 to t+2)
	N=118 (OLS)

	 
	Estimated coefficients
	Statistical significance
	
	
	Estimated coefficients
	Statistical significance

	Independent variables 
	 
	
	
	

	Regulation
	
	
	
	
	0.053 (0.026)
	0.0410**

	Industry competition
	
	
	
	
	-0.689 (0.426)
	0.1090

	Supply chain position
	
	
	
	
	0.048 (0.014)
	0.0007***

	
	
	
	
	
	
	

	Control variables
	
	
	
	
	

	Firm size
	0.136 (0.038)
	0.0004***
	
	
	-0.007 (0.016)
	0.6588

	Year
	-0.058 (0.060)
	0.3305
	
	
	-0.001 (0.014)
	0.9534

	Pre-adoption ROA
	-0.482 (0.353)
	0.1721
	
	
	-0.164 (0.104)
	0.1174

	Capital intensity
	-0.028 (0.018)
	0.1235
	
	
	0.002 (0.002)
	0.2204

	Industry efficiency
	-2.189 (0.754)
	0.0037***
	
	
	-0.188 (0.273)
	0.4919

	Industry size
	-0.070 (0.065)
	0.2824
	
	
	0.010 (0.016)
	0.5061

	Physical object
	
	
	
	
	0.009 (0.030)
	0.7634

	Smart contract
	
	
	
	
	0.044 (0.023)
	0.0589*

	Age
	0.003 (0.001)
	0.0052***
	
	
	
	

	IMR
	
	
	
	
	-0.099 (0.077)
	0.2012

	Industry dummies
	Included
	
	
	
	Included
	

	
	
	
	
	
	
	

	
	
	
	
	
	
	

	McFadden R^2, Adjusted R^2
	13.14%
	
	
	
	15.72%
	


Note: *p<0.1, **p<0.05, *** p<0.01

Source: Authors own creation
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