SUPPLEMENTARY MATERIAL FOR THE WEBSITE

SM 1: Sampling procedure
	Sampling step
	No./Description

	Eligible SMEs selected for participation
	123

	Firms not returning questionnaire
	3

	Returned complete questionnaires
	120

	Final retained respondents
	120

	Final retained SMEs
	120

	Respondents per firm
	1

	Open-ended questions per retained respondent
	10

	Final qualitative corpus
	1,200 written responses

	Recruitment channels
	University networks, professional association networks, authors’ professional contacts

	Administration mode
	Online questionnaire

	Data collection period
	January–February 2025

	Completion criterion
	All ten open-ended questions completed

	GenAI-use screening
	Respondents confirmed recurring GenAI use in DDDM activities





SM2: Respondents’ demographic data
	Variable
	Category
	No.
	%

	Age
	30–40
	45
	38

	
	41–50
	74
	62

	
	51–60
	1
	1

	
	Total
	120
	100

	Gender
	Men
	84
	70

	
	Women
	36
	30

	
	Total
	120
	100

	Years of experience
	10–15
	26
	22

	
	16–20
	63
	53

	
	21–29
	30
	25

	
	30+
	1
	1

	
	Total
	120
	100

	Job position
	Executive
	30
	25

	
	Top manager
	90
	75

	
	Total
	120
	100

	GenAI experience
	Advanced
	93
	78

	
	Intermediate
	27
	22

	
	Total
	120
	100

	Industry
	Manufacturing
	6
	5

	
	Financial services
	27
	23

	
	Retail
	16
	13

	
	Logistics
	14
	12

	
	Industrial sector
	13
	11

	
	Hospitality
	9
	7

	
	Services/consulting
	35
	29

	
	Total
	120
	100


Source: own elaboration.




SM3: Qualitative corpus characteristics by questionnaire item
	Question
	DDDM activity
	Total words
	Mean words
	Median (IQR)
	Range
	Avg. meaning segments
	Brief
	Moderate
	Elaborated
	Context provided
	Specific GenAI use
	KM implication
	Governance control
	Authority 
accountability

	Q1
	Problem identification
	9,285
	77.4
	78 (71–84)
	56–93
	5.6
	0 (0%)
	38 (32%)
	82 (68%)
	94 (78%)
	100 (83%)
	106 (88%)
	115 (96%)
	114 (95%)

	Q2
	Data collection
	9,353
	77.9
	78 (70–86)
	58–95
	5.5
	0 (0%)
	43 (36%)
	77 (64%)
	94 (78%)
	100 (83%)
	110 (92%)
	116 (97%)
	118 (98%)

	Q3
	Data interpretation
	9,235
	77.0
	79 (69–84)
	58–93
	5.5
	0 (0%)
	44 (37%)
	76 (63%)
	95 (79%)
	96 (80%)
	111 (92%)
	116 (97%)
	120 (100%)

	Q4
	Alternative generation
	9,138
	76.2
	76 (68–84)
	59–97
	5.5
	0 (0%)
	44 (37%)
	76 (63%)
	97 (81%)
	106 (88%)
	109 (91%)
	117 (98%)
	115 (96%)

	Q5
	Alternative evaluation
	9,140
	76.2
	76 (68–84)
	60–94
	5.5
	0 (0%)
	46 (38%)
	74 (62%)
	100 (83%)
	100 (83%)
	110 (92%)
	118 (98%)
	118 (98%)

	Q6
	Alternative selection / prioritization
	9,136
	76.1
	76 (68–82)
	59–94
	5.5
	0 (0%)
	50 (42%)
	70 (58%)
	97 (81%)
	98 (82%)
	107 (89%)
	116 (97%)
	116 (97%)

	Q7
	Implementation
	9,203
	76.7
	76 (68–84)
	62–97
	5.5
	0 (0%)
	45 (38%)
	75 (63%)
	97 (81%)
	109 (91%)
	106 (88%)
	117 (98%)
	119 (99%)

	Q8
	Results measurement
	9,047
	75.4
	74 (68–83)
	56–99
	5.5
	0 (0%)
	49 (41%)
	71 (59%)
	95 (79%)
	106 (88%)
	109 (91%)
	115 (96%)
	116 (97%)

	Q9
	Results interpretation
	9,216
	76.8
	76 (69–84)
	54–97
	5.5
	0 (0%)
	37 (31%)
	83 (69%)
	94 (78%)
	89 (74%)
	104 (87%)
	118 (98%)
	117 (98%)

	Q10
	Results review / learning
	9,206
	76.8
	77 (69–84)
	59–94
	5.5
	0 (0%)
	42 (35%)
	78 (65%)
	97 (81%)
	104 (87%)
	104 (87%)
	118 (98%)
	118 (98%)

	Total corpus
	Q1–Q10
	91,959
	76.6
	77 (69–84)
	54–99
	5.5
	0 (0%)
	438 (37%)
	762 (64%)
	960 (80%)
	1,008 (84%)
	1,076 (90%)
	1,171 (98%)
	1,171 (98%)


Note: The final retained corpus includes 1,200 written responses from 120 returned questionnaires. Response length was calculated in words. Median (IQR) reports the median response length and interquartile range. “Meaning segments” refers to sentence- or clause-level segments within each response. Brief, moderate, and elaborated responses were classified using a semantic proxy combining response length, number of meaning segments, and presence of analytic indicators. Evidence-depth indicators capture whether responses included contextual information, specific GenAI use, KM implications, governance/control routines, and authority/accountability language.


SM4: Anonymized response examples by questionnaire item
	Question(s)
	DDDM activity
	Respondents’ ID
	Anonymized response example

	Q1
	Problem identification
	037-01
	We started using GenAI mainly to organize the initial problem framing in compliance-related decisions. It helps summarize issues faster, but we noticed people sometimes accept the first framing too quickly. For that reason, final problem definitions are still discussed manually before moving forward.

	Q2
	Data collection
	018-02
	In contract negotiations we use AI mostly to retrieve previous documents and summarize meeting notes. It speeds things up a lot, especially when information is scattered. At the same time, we still ask managers to check original sources because summaries sometimes miss important details or context.

	Q3
	Data interpretation
	002-03
	During customer-retention analysis, GenAI was useful for highlighting patterns we probably would not have noticed quickly. But interpretation still depends on who is reading the output. Different managers sometimes reach different conclusions from the same AI-generated summary.

	Q4
	Alternative generation
	031-04
	We used GenAI to generate possible responses to operational problems in risk management. It was useful for broadening the discussion, especially under time pressure. However, some generated options looked reasonable at first but became less convincing after deeper review.

	Q5
	Alternative evaluation
	013-05
	In some cases AI-generated rankings helped us compare alternatives more systematically. The issue is that teams sometimes start trusting the ranking too much because the output looks structured and confident. We introduced additional discussion rounds for high-impact decisions.

	Q6
	Alternative selection / prioritization
	014-06
	We use retrieval-based AI tools during supplier and contract decisions. They help collect supporting information faster, but managers still need to justify the final choice themselves. In uncertain cases, decisions are escalated for additional human review.

	Q7
	Implementation
	010-07
	For implementation activities, GenAI mainly supports coordination tasks like action tracking and workflow summaries. We do not allow automated execution in sensitive cases. Human approval is still required before operational changes are finalized.

	Q8
	Results measurement
	001-08
	We use AI-generated summaries to review project outcomes and KPIs. The advantage is speed, especially when reports are long. The downside is that some nuances or exceptions can disappear in the summary, so managers often go back to the original data before final evaluation.

	Q9
	Results interpretation
	007-09
	In supply-chain planning, GenAI helped us compare previous cases and identify recurring issues. Still, there are discussions internally about how much people should rely on generated explanations versus their own experience. We try to document the reasoning behind major decisions.

	Q10
	Results review / learning
	006-10
	At first we treated GenAI mostly as a productivity tool for translating technical reports into simpler language. Over time, we realized people sometimes started using the AI-generated explanation as the “official” interpretation. We now require final reviews to be written and approved by managers directly.



