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Introduction
We live in an era of unprecedented technological change, where Artificial Intelligence (AI) is transforming every aspect of business and social life. For organizations seeking to remain competitive and achieve leadership, strategic adoption and integration of AI is no longer an option, but a necessity. This report is a comprehensive strategic guide to help your organization transform to fully leverage the potential of AI, achieve operational excellence and build a sustainable competitive advantage.
This report is the result of a synthesis of best practices, in-depth analysis and practical recommendations from three independent assessments (OpenAI, Anthropic, Gemini), complemented by a detailed analysis of the gaps identified by the OLIMP study and the organizational context from the CLIMB2 study. Its goal is to provide you not only with a diagnosis of the current state, but above all with a clear, feasible and ambitious roadmap for AI transformation.
The report is structured to guide you step-by-step through all key aspects of transformation: from understanding current challenges, to detailed action planning in the areas of technology, people, budget and processes, to defining measurable benefits and a long-term vision for an AI-powered organization. Each section includes specific, practical recommendations, grounded in business realities and supported by examples, to facilitate strategic decision-making and effectively manage the change process.
We believe that this document will become a valuable tool for you to inspire action and lead you to success in the era of Artificial Intelligence.

1 Executive Summary
1.1 Strategic Context and Purpose of the Report
The dynamic business environment, driven by the fourth industrial revolution, is presenting organizations with new challenges and unprecedented opportunities. Artificial Intelligence (AI), and in particular its generative variants (GenAI), has become a key catalyst for transformation, offering the potential to fundamentally change the way companies operate, create value and compete in the marketplace. Organizations that manage to successfully integrate AI into their strategy and operations will gain a significant advantage, while those that lag behind risk being marginalized.
The purpose of this report is to provide your Company with a comprehensive, strategic guide to AI transformation. Based on a synthesis of insightful analysis and market best practices, this report is designed to:
· Diagnose the organization's current level of AI maturity.
· Identify key gaps, challenges and opportunities.
· Propose a detailed, multi-phase roadmap for transformation.
· Make specific, feasible recommendations on technology, people, processes and budget.
· Identify measurable indicators of success and potential business benefits.
· Outline a vision for an organization that takes full advantage of the potential of AI, becoming a leader in innovation and efficiency in its industry.
The document is intended to serve as a central reference point for the board and key stakeholders, supporting informed decision-making and effective management of the complex AI transformation process.
1.2 Diagnosis of the Current State of AI Maturity
Gap analysis (OLIMP) and data from the CLIMB_2 questionnaire, synthesized with three independent AI assessments, indicate that your organization is currently at an early to intermediate stage of maturity in terms of digital transformation and AI implementation. The average levels in key areas mainly oscillate around B (basic) and C (partial/moderate) on a five-point scale (A-E, where E stands for excellent).
· Data (Technology and Infrastructure): The organization is currently building data sets of moderate quality (level C), with basic automation of analysis and processing (B) and limited centralization (B). Advanced data quality assessment tools are rarely used (B), and data management strategy is applied selectively (C). Integration of data from different sources is incomplete (B), and the use of generative AI to support data visualization is at zero (A). There is a lack of a consistent data architecture, which leads to information silos and hinders the efficient use of data resources.
· People and Competencies: Awareness of the potential of generative AI is rudimentary and limited to select teams (B), as is formal training in programming, data analysis or prompting (B). A critical shortcoming is the absence of interdisciplinary teams dedicated to AI (A) and the systematic involvement of external consultants (A). Training in AI-based project management is absent (A), and knowledge management in AI is at a very early stage, with staff maintaining their own unshared bases (A).
· AI Budget and Funding: The funding area for AI initiatives is dominated by short-term budgeting, often limited to single projects (B). Sporadic funding is provided for training of selected employees (B) and pilot projects (B). There is a lack of systematic allocation of funds for external AI consulting (A), and prioritization of AI projects that generate high added value is selective and unsystematic (B).
· Organization and Processes: A formal new product development (NPD) model is followed, but is often not fully documented (C). Cross-functional collaboration, while present, is not systematic (C). Key performance indicators (KPIs) are used, but not in all process phases (D). Methodologies such as front-loading (B), continuous improvement initiatives (B) and systematic knowledge management (KM) (B/A) are at a low level of development. The use of modern methods and tools to support product development (e.g., PDM/PLM, CAE, KBE) is limited.
1.3 Key Challenges on the Road to Transformation
Based on the diagnosis, the following key challenges have been identified that the organization must overcome in order to successfully implement the AI transformation:
1. Fragmentation and Low Data Quality: The lack of a central data repository, inconsistent standards, duplication and low data quality are fundamental barriers to the development of advanced AI applications. Example: Analysts spend up to 80% of their time preparing data instead of analyzing it.
2. Competency Gaps and Low AI Awareness: Insufficient knowledge of AI capabilities, lack of skills in data analysis, programming, prompting, and managing AI projects across the organization. Example: Ideas for applying AI are not generated or are rejected due to lack of understanding of the technology.
3. Lack of Coherent AI Strategy and Governance: AI activities are often scattered, ad hoc and unconnected to the main business strategy. Lack of a formal AI governance framework, including ethics and accountability policies. Example: Different departments experiment with AI independently, leading to duplication of efforts and incompatible solutions.
4. Insufficient and Short-Term Funding: Lack of a long-term budget perspective for AI, making it difficult to implement strategic, multi-phase projects and investments in infrastructure and competence development. Example: Promising pilot projects are not scaled due to lack of further funding.
5. Organizational and Cultural Resistance: Fear of change, lack of understanding of the benefits of AI, siloed organizational structure, and a culture not conducive to experimentation and risk-taking. Example: Employees fear AI will replace their jobs, instead of seeing it as an enabling tool.
6. Immaturity of Business Processes: Lack of standardization, documentation and optimization of key processes (e.g., NPD, KM) hinders their effective support and automation with AI. Example: Implementing AI in a chaotic process only automates the chaos.
1.4 Target Vision: an AI Driven Organization
The goal of the transformation is to transform your Company into an AI-driven organization (AI), where Artificial Intelligence is an integral part of strategy, culture, processes and daily operations. The vision includes achieving E-level (excellence) in all key areas of AI maturity.
An AI-driven organization is characterized by:
· Data-driven decision-making: Decisions at all levels are made based on sound data, advanced analysis and predictions generated by AI systems.
· Optimized and automated processes: Key business processes, from product development to customer service, are streamlined, automated and continuously improved with AI.
· Innovation and rapid time-to-market: AI supports the generation of new ideas, accelerates development cycles and enables the creation of personalized, competitive products and services.
· High operational efficiency: AI contributes to cost reduction, elimination of waste and optimal use of resources.
· Engaged and competent employees: Employees have the necessary skills to work effectively with AI systems, and the organizational culture promotes continuous learning, experimentation and innovation.
· Sustainable competitive advantage: With unique AI-based capabilities, the company stays ahead of the competition, responds effectively to market changes and creates new business opportunities.
Achieving this vision will translate into tangible business benefits, such as significantly reduced time-to-market (e.g., by 20-30%), reduced operating costs (e.g., by 15-25%), increased customer satisfaction, and opening up new revenue streams.
1.5 Strategic Roadmap for Transformation: Overview of Phases
The proposed AI transformation will be implemented in three strategic, interlocking phases, spread over a period of about 36 months. Each phase has clearly defined goals, priorities, activities and expected results:
· Phase 1: Foundations and Quick Victories (0-9 months).
· Goal: Build a solid foundation for AI transformation, raise awareness within the organization, and achieve the first visible successes (quick wins) demonstrating the value of AI.
· Key activities: Develop an AI and Data Governance strategy, launch awareness-building and basic training programs, start building a central Data Lakehouse (PoC), establish the nucleus of an interdisciplinary AI team, implement 2-3 pilot projects with high ROI potential (e.g., reporting automation, GenAI in data visualization, internal Q&A chatbot).
· Milestones: AI strategy and budget approved, Data Lakehouse prototype in operation, first value-generating MVP implemented.
· Phase 2: Development, Scaling and Integration (9-24 months)
· Goal: Expand data and AI infrastructure, scale successful pilot initiatives, formalize AI structures and processes, and integrate AI into key business areas.
· Key activities: Implement production MLOps platform, Data Catalog and Data Quality tools, expand training programs (AI Academy), formalize AI Competency Center (CoE), implement 5-10 more AI projects (e.g., in NPD, customer service, supply chain optimization), implement PDM/PLM system, establish Responsible AI framework.
· Milestones: Fully operational, integrated data and AI platform, operational CoE, significant group of trained employees, implemented and benefiting AI solutions in several business areas.
· Phase 3: Optimization, Innovation and AI-Native Excellence (24-36+ months)
· Goal: Achieve full integration of AI across the organization, build an AI-first culture, continuously improve and optimize AI solutions, and use AI to generate breakthrough innovations and achieve leadership.
· Key activities: Implementing the Enterprise Data Mesh concept, fully automating ETL/ELT pipelines and data QA processes, making extensive use of GenAI across the product lifecycle and other processes, developing advanced self-service analytics tools, conducting research into new AI applications, building our own unique AI models and solutions.
· Milestones: Achievement of level E (excellence) in all AI maturity indicators, AI as a standard component of every process and decision, measurable and sustained impact of AI on business results, organization recognized as an innovator and leader in AI.
A detailed description of each phase, with activities, budget and expected results, will be presented later in the report. This roadmap provides an ambitious but realistic plan that will allow your Company to systematically build AI capabilities and achieve long-term success.

2. analysis by OLIMP Areas and Organizational Context
2.1 Introduction to Evaluation Methodology (OLIMP + CLIMB_2)
The basis for diagnosing the current state of your organization's maturity for AI transformation is the OLIMP Gap Analysis. It is a proprietary assessment tool that examines key dimensions of an organization's readiness to adopt and effectively use AI. OLIMP includes three main pillars:
· DATA (Technology and Infrastructure): Assessing the quality, availability, management and infrastructure of the data needed to power AI systems.
· PEOPLE AND COMPETENCIES: Analysis of awareness, skills, organizational structure and work culture in the context of AI.
· BUDGET: Evaluate approaches to financial planning, resource allocation and prioritization of AI investments.
For each of these pillars, OLIMP defines a series of specific questions, the answers to which indicate the organization's current level of maturity on a scale from A (none or very low) to E (full maturity, excellence).
In addition, in order to provide a more complete picture, especially in the context of new product development (NPD) processes and overall work organization, this report integrates the findings from the CLIMB_2 questionnaire. CLIMB_2 provides valuable information on:
· Activities and Information Flow: Formalization of processes, cross-functional collaboration, stakeholder engagement.
· Decision Making: Use of KPIs, front-loading methodologies, focus on customer value.
· Knowledge Management (KM) Processes: Knowledge recovery, formal KM plans, updating design principles.
· Methods and Tools Used: Use of modern design methodologies (e.g. DfX, QFD, FMEA) and supporting software (CAD, PDM/PLM, ERP).
Combining the results of OLIMP and CLIMB_2 allows for a holistic assessment of the current situation and precise identification of areas requiring the most attention and intervention in the planned AI transformation. In the following subsections, we will provide a detailed analysis of each area, highlighting the current state, key challenges, and strategic directions and recommendations.
2.2 Data Area: Technology and Infrastructure
Data is the bloodstream of Artificial Intelligence. Without high-quality, well-managed and easily accessible data, even the most advanced AI algorithms will remain useless. Therefore, building a solid data foundation is an absolute priority in any AI transformation.
2.2.1 Current Status and Identification of Gaps
OLIMP analysis showed the following status in the Data area:
· Quality of datasets: Level C ("Building data sets with moderate quality"). This means that the data often contains errors, omissions, inconsistencies or is outdated.
· Automation of data analysis and processing: Level B ("Basic automation in several areas"). Many data preparation and analysis processes are done manually or with simple scripts, which is time-consuming and error-prone.
· Centralization of data sets: Level B ("Centralization in a few selected areas"). Data is scattered across numerous systems and silos, making it difficult to integrate and get a consistent picture. Lack of a single, central "source of truth."
· Using advanced tools to assess data quality: Level B ("Basic tools, but rarely used"). There is a lack of systematic monitoring and management of data quality using dedicated tools.
· Data Management Strategy: Level C ("Data governance strategy applied to selected areas"). Lack of a comprehensive, company-wide Data Governance strategy, leading to inconsistent practices and lack of accountability for data.
· Automation of the data collection and cleaning process: Level B ("Basic automation of some process steps"). ETL/ELT processes are partially automated, but still require significant manual labor.
· Identification and integration of data from internal and external sources: Level B ("Data identified but not fully integrated"). There is awareness of various data sources, but integrating them effectively is a challenge.
· Standard data model and metadata set: Level C ("Partial implementation of the data model and metadata"). Lack of a uniform, standard data model for the entire organization and comprehensive metadata management.
· Using generative AI to support data visualization: Level A ("No use of generative AI for data visualization"). GenAI's potential to create intuitive, interactive and conversational data visualizations is not being used.
Key challenges arising from the above gaps:
· Low reliability of AI analyses and models: "Garbage in, garbage out." - Poor data quality leads to erroneous conclusions and ineffective AI models.
· High cost and time-consuming data preparation: Analytics and data science teams spend most of their time cleaning and transforming data, rather than creating value.
· Difficulties in getting a holistic view of the business: Silos of data prevent comprehensive analysis and optimal decision-making.
· Lack of scalability and flexibility in data infrastructure: Current solutions may not be able to handle the growing data volumes and complexity of AI computing.
· Risk of non-compliance with regulations (e.g., GDPR): Failure to properly manage data increases the risk of privacy and security breaches.
2.2.2 Strategic Directions for the Development of Data Foundations
To achieve level E (excellence) in the data area, the organization should focus on the following strategic directions:
1. Establish Comprehensive Data Governance:
· Develop and implement an enterprise-wide data governance strategy, including policies, standards, roles (e.g., Data Stewards, Data Owners) and processes.
· Ensure compliance with data protection regulations (GDPR, future AI Act).
· Promote a culture of data accountability throughout the organization.
2. Building a Modern, Centralized Data Platform:
· Design and implement a scalable, flexible data architecture, such as one based on the Data Lakehouse concept (combining the advantages of Data Lake and Data Warehouse).
· Selecting the right cloud platform (e.g., AWS, Azure, GCP) or hybrid solution that provides the necessary computing power and tools.
· Migration of key data from existing silos to a central repository.
3. Ensuring High Quality Data:
· Implement systematic processes for profiling, cleaning, validating and monitoring data quality.
· Implementation of advanced data quality management (Data Quality Management) and data observability (Data Observability) tools.
· Establish data quality metrics and report progress regularly.
4. Full Automation of Data Related Processes:
· Implement modern ETL/ELT (Extract, Transform, Load / Extract, Load, Transform) tools to automate data flows.
· Apply DataOps practices (CI/CD for data) to speed up and streamline data delivery.
· Automation of data preparation processes for AI analysis and modeling.
5. Standardization of Data Models and Metadata Management:
· Develop and implement a unified, canonical data model for key business domains.
· Establish a central data catalog (Data Catalog) and a master data management (MDM) system to make it easier to find, understand and use data.
· Consider building a semantic "enterprise data mesh" or knowledge graph in later phases.
6. Democratization of Access to Data and Analytical Tools:
· Enable a wide range of business users to access data and analytical tools (self-service analytics).
· Implement intuitive business intelligence (BI) and data visualization tools, including using generative AI.
2.2.3 Recommended Technologies and Architecture
The following are the recommended technology stack and architecture elements that should be considered in the transformation process. The final selection should be preceded by a detailed needs analysis, vendor evaluation and implementation of pilot projects (PoC).
· Cloud Platform:
· Recommendations: Amazon Web Services (AWS), Microsoft Azure, Google Cloud Platform (GCP).
· Selection criteria: Cost, scalability, availability of AI/ML services, security, existing competencies within the organization.
· Data Lakehouse:
· Technologies: Databricks (Delta Lake), Snowflake, AWS Lake Formation + S3 + Redshift, Azure Synapse Analytics + ADLS Gen2, Google BigQuery + Google Cloud Storage.
· Benefits: Data Lake flexibility (raw and processed data storage in various formats) combined with Data Warehouse functionality (ACID transactivity, schema management, query optimization).
· ETL/ELT tools and Data Flow Orchestration:
· Recommendations: Apache Airflow (open-source, very popular), dbt (Data Build Tool - for data transformation in an engineering analytics approach), Azure Data Factory, AWS Glue, Talend, Fivetran, Informatica PowerCenter.
· Functionalities: Automation of data extraction, transformation and loading, monitoring and flow management.
· Data Quality (Data Quality) and Data Observability (Data Observability) tools:
· Recommendations: Great Expectations (open-source, for data validation), Monte Carlo, SodaCL, Talend Data Quality, Informatica Data Quality, Collibra DQ.
· Functionalities: Data profiling, definition of quality rules, anomaly monitoring, alerting, data origin tracking (data lineage).
· Metadata Management (MDM) and Data Catalog:
· Recommendations: Collibra, Alation, DataHub (open-source, LinkedIn), Informatica Axon & EDC, Atlan, Azure Purview, AWS Glue Data Catalog.
· Functionalities: Central metadata repository, data search and discovery, business dictionary management, data provenance tracking, Data Governance support.
· Business Intelligence (BI) and Data Visualization Tools:
· Recommendations: Microsoft Power BI (including Power BI Copilot with GenAI), Tableau (including Tableau Pulse with GenAI), Qlik Sense, Looker (Google Cloud).
· Functionalities: Create interactive dashboards and reports, ad-hoc analytics, self-service BI, integration with GenAI to generate visualizations and natural language queries.
· MLOps (Machine Learning Operations) platform:
· Recommendations: MLflow (open-source), Kubeflow (open-source, on Kubernetes), Amazon SageMaker Studio, Azure Machine Learning, Google Vertex AI Platform, DataRobot, H2O AI Cloud.
· Functionality: Manage the entire lifecycle of ML models (from experimentation, to training, to deployment, to monitoring, to model and data versioning).
Example Target Architecture (simplified): Data from various sources (ERP systems, CRM, PDM/PLM, IoT, external data) are extracted (ETL/ELT) and loaded into the Raw Zone in the Data Lakehouse. They then go through cleaning, transformation and quality validation processes, ending up in the Processed/Curated Zone. From this zone, data is made available for analysis through BI tools, used to train ML models on the MLOps platform, and feeds business applications. All of this is managed by Data Governance, Data Quality and Data Catalog mechanisms.
2.2.4 Data Quality Management and Data Governance
Critical to success is the implementation of a robust Data Governance framework. This includes:
· Establishment of Data Governance Council: A body composed of representatives from key business and IT departments, responsible for defining data strategies, policies and standards.
· Defining Roles and Responsibilities:
· Data Owners: Business people responsible for specific data domains (e.g., customer data, product data).
· Data Stewards: domain experts responsible for the daily management of data quality, security and compliance in their areas.
· Data Custodians: IT teams responsible for the technical infrastructure and security of data storage.
· Development of Data Policies and Standards: Pertaining to data quality, security, privacy, retention, access and usage, among others.
· Implementation of Data Management Processes: Such as data quality management, metadata management, reference and master data management (MDM), and data lifecycle management.
· Communication and Training: Raise awareness of the importance of Data Governance and train employees on their roles and responsibilities.
Data Quality Management (DQM) should be an integral part of Data Governance and include:
· Data Profiling: Analyzing the structure, content and quality of data to identify problems.
· Defining Data Quality Metrics: Define key quality metrics (e.g., completeness, correctness, consistency, timeliness, uniqueness) for critical datasets.
· Data Cleaning and Enrichment: The processes of correcting errors, filling in gaps and enriching data with additional information.
· Data Quality Monitoring: Continuously track quality metrics and alert in case of deviations from the norm.
· Data Quality Reporting: Provide regular information on the status of data quality to stakeholders.
2.2.5 Using Generative AI in Data Analysis and Visualization
Generative AI opens up new possibilities in the area of data interaction and visualization:
· Natural Language Query (NLQ): Business users can ask questions about data in natural language, and AI systems (such as those integrated with BI tools) automatically translate them into database queries and present the results.
· Automatic Visualization Generation: AI can suggest the best types of charts to present data or even automatically generate entire dashboards based on a description of the user's needs.
· Generating Data Narratives and Summaries: LLM models can create textual descriptions and summaries of key findings from the data, making them easier to understand.
· Interactive, Conversational Dashboards: Users can have a "conversation" with the dashboard, asking follow-up questions and exploring data in a dynamic way.
· Data Mining Support: AI can identify hidden patterns, correlations and anomalies in data that an analyst might not have noticed.
Recommendations:
· Start with pilot projects using BI tools that have built-in GenAI features (e.g., Microsoft Power BI Copilot, Tableau Pulse, Qlik Sense AI Assistant).
· Experiment with integrating LLM models (e.g., via OpenAI APIs, Azure OpenAI Service, Google Vertex AI) with your own analytics solutions.
· Train analysts and business users to use these new capabilities.
2.2.6 MLOps and AI Model Lifecycle Support Infrastructure
As AI initiatives mature, it is becoming critical to implement Machine Learning Operations (MLOps) practices and tools. MLOps is a set of practices designed to reliably and efficiently build, deploy and maintain ML models in a production environment.
Key elements of MLOps:
· Data and Model Versioning: Track changes to training data, model code and the models themselves.
· ML Pipeline Automation: Automated processes for training, testing and deploying models.
· Continuous Integration and Continuous Delivery (CI/CD) for ML: Similar to DevOps, but tailored to the specifics of ML projects.
· Monitoring Models in Production: Tracking model performance, detecting data drift (data drift) and concept drift (concept drift).
· Model Retraining: automatically or semi-automatically retrain models when their performance declines.
· Infrastructure and Resource Management: Efficient allocation of computing resources (CPU, GPU) for model training and inference.
· Reproducibility of Experiments: Ensuring that the results of ML experiments can be reproduced.
Recommended MLOps tools are listed in Section 2.2.3. Implementation of the MLOps platform should be a priority in Phase 2 of the transformation.
2.2.7 Integration with Domain Systems (e.g. PDM/PLM).
Data generated and managed in domain systems such as PDM (Product Data Management) / PLM (Product Lifecycle Management), ERP (Enterprise Resource Planning), CRM (Customer Relationship Management), MES (Manufacturing Execution System) are extremely valuable for many AI applications, especially in the context of optimizing NPD, manufacturing or customer service processes.
Key Activities:
· Identification of key domain systems as data sources for AI.
· Provide mechanisms for integrating these systems with the central data platform (e.g., through APIs, connectors, data warehouses).
· Standardize data from different systems to ensure consistency.
· Using AI to enrich data in domain systems (e.g., automatic document tagging in PDM, predictions in CRM).
· Embed AI functions directly into the interfaces of domain systems to support users in their daily work.
Example: Integrating data from a PLM system (e.g., Siemens Teamcenter, Dassault Systèmes ENOVIA, PTC Windchill) with an AI platform can enable analysis of historical project data, prediction of costs and lead times for new projects, or optimization of product parameters using generative design.
2.2.8 Technology Risks and Mitigation Strategies
Transforming data infrastructure and implementing new AI technologies comes with certain risks:
	Risks
	Description
	Mitigation Strategy

	Vendor Lock-in
	Dependence on a single cloud technology or software provider.
	Consider a multi-cloud or hybrid strategy, use open standards and open-source technologies where possible, carefully analyze vendor contracts.

	Data Security Issues.
	Security breaches, data leaks, unauthorized access.
	Implement robust security policies and procedures, data encryption, access management (IAM), regular security audits, employee training.

	Low Data Quality Impeding Implementation.
	Despite efforts, data quality remains insufficient for effective AI models.
	An iterative approach to improving data quality, prioritizing critical collections, continuous monitoring and investing in DQM tools.

	Difficulties in Systems Integration
	Problems connecting new data platforms to existing domain systems.
	Use of standard interfaces (APIs), integration tools (ESB, iPaaS), careful planning and testing of integration.

	Insufficient Scalability of Solutions.
	Selected technologies or architectures cannot handle growing data volumes or workloads.
	Selection of scalable cloud platforms and technologies, architecture design with scalability in mind, regular performance testing.

	Rapid Technology Aging
	AI technologies are dynamically changing, which can lead to rapid obsolescence of investments.
	Flexible architecture for component replacement, continuous monitoring of technology trends, investment in training and competence development, modular approach.

	High Infrastructure and License Costs
	The uncontrollable increase in costs associated with cloud, software and AI tools.
	Careful analysis of TCO (Total Cost of Ownership), optimizing the use of cloud resources (FinOps), negotiating licensing terms, considering open-source alternatives.


Systematic management of these risks will be key to a smooth transition in the area of technology and data infrastructure.
2.3 People and Competence Area
AI transformation is not only about technology, but first and foremost about people. The success of the implementation and use of AI depends hugely on the awareness, competence, commitment of employees and an organizational culture that fosters innovation and learning.
2.3.1 Current Status and Identification of Competency Gaps
The OLIMP analysis showed the following status in the People and Competencies area:
· Development of awareness and understanding of generative AI solutions: Level B ("Basic awareness among selected teams"). There is a lack of widespread understanding of the potential, capabilities and limitations of AI, including GenAI.
· Training of teams in programming (including prompting) and data analysis: Level B ("Basic training in selected teams"). Access to training is limited, and programs are not comprehensive or systematic.
· Creating interdisciplinary AI teams: Level A ("No interdisciplinary AI teams"). Work on AI projects is often done in silos, without effective collaboration between business, IT and analysts.
· Involving external generative AI consultants in teams: Level A ("No involvement of external consultants"). The organization does not systematically use the knowledge and experience of external experts.
· Training in generative AI project management: Level A ("No training in generative AI project management"). There is a lack of competence in the specifics of running AI projects, which are often research and iterative in nature.
· Knowledge management in generative AI: Level A ("Employees maintain their own knowledge bases and do not share them with others."). Lack of a systematic approach to collecting, documenting and sharing knowledge and best practices related to AI.
Key challenges arising from the above gaps:
· Low AI adoption: Employees are reluctant to use new AI tools and solutions due to lack of understanding or fear.
· Difficulties in identifying and implementing worthwhile AI projects: Lack of competence hinders the ability to see opportunities for AI applications and to run projects effectively.
· Ineffective collaboration and duplication of mistakes: Lack of interdisciplinary teams and a knowledge management system leads to information silos and wasted resources.
· Risk of unethical or irresponsible use of AI: Low awareness of ethical issues and potential risks associated with AI.
· Difficulties in attracting and retaining AI talent: Lack of attractive work environment and development opportunities for AI professionals.
2.3.2 AI Competency Development Strategy: "AI Ready Workforce"
The strategic goal is to create an "AI Ready Workforce" - a workforce equipped with the necessary knowledge, skills and mindset to effectively harness the potential of AI and actively participate in the transformation of the organization. This strategy should be based on several pillars:
1. Building Universal Awareness and Understanding of AI:
· Educational programs for all employees, explaining the basics of AI, its capabilities, limitations and ethical implications.
· Promoting a culture of curiosity and openness to new technologies.
2. Development of Specialized AI Competencies:
· Identify key AI-related roles (e.g., Data Scientist, ML Engineer, AI Product Owner, Prompt Engineer).
· Develop dedicated development paths and training programs for these roles.
· Investment in training in data analysis, programming (Python, R), machine learning, deep learning, natural language processing (NLP), prompting, MLOps.
3. Developing Business and Soft Skills in the Context of AI:
· Training for managers and business leaders in identifying AI use cases, managing AI projects, and evaluating the ROI of AI initiatives.
· Develop critical thinking, problem-solving, collaboration and communication skills in the context of AI work.
4. Creating an Environment conducive to Learning and Experimentation:
· Encourage participation in hackathons, internal AI competitions, pilot projects.
· Creating a space for safe experimentation and learning from mistakes.
5. Systematic Knowledge Management and Best Practice Sharing:
· Implement a KM platform and processes to facilitate the collection, documentation and sharing of AI-related knowledge.
· Creating Communities of Practice (COPs) around AI.
2.3.3 Detailed Training Programs and Development Paths
It is proposed to implement a multi-level training program tailored to different groups of employees:
· Level 1: AI Awareness Bootcamp (for all employees)
· Goal: Build basic awareness and understanding of AI.
· Content: What is AI, ML, DL, GenAI? Examples of AI applications in business and everyday life. Benefits and risks of AI. Ethics of AI. The impact of AI on the future of work.
· Form: 1-day interactive workshops, e-learning, webinars.
· Frequency: Initial implementation for all, then for new employees.
· Level 2: AI for Business Leaders & Managers (for executives and team leaders)
· Goal: Equip leaders with the knowledge necessary to strategically manage AI.
· Content: Identifying AI use cases in your field. Assessing the business potential and ROI of AI projects. Managing teams working with AI. Implementing AI-related changes. Building an AI-first culture.
· Form: Workshop series, case studies, coaching.
· Frequency: Cyclical, tailored as needed.
· Level 3: AI Practitioner Academy (for professionals and those looking to advance into AI roles)
· Goal: Develop specialized technical and analytical competencies.
· Pathways (example):
· Data Analyst with AI Focus: SQL, Python (Pandas, NumPy), statistics, BI tools, ML basics, data visualization.
· Citizen Data Scientist / Prompt Engineer: Low-code/no-code AI tools, advanced prompting for LLM models, data analysis basics, GenAI ethics.
· Data Scientist: Advanced Python/R, ML/DL algorithms, NLP, MLOps, statistics, experimentation.
· ML Engineer: Building and implementing ML pipelines, containerization (Docker, Kubernetes), MLOps platforms, model monitoring, software engineering for AI.
· AI Product Owner/Manager: Agile methodologies for AI, defining requirements for AI products, working with technical teams, UX for AI.
· Form: Intensive courses (internal and external), certifications (e.g. Microsoft, Google, AWS, Cloudera), hands-on projects, mentoring.
· Frequency: continuous development program.
· Level 4: AI Project Management (for project managers and those involved in leading AI initiatives)
· Goal: Acquire the skills to effectively manage AI projects.
· Content: Specifics of AI projects (uncertainty, iterative, research nature). AI project management methodologies (Agile adaptation, CRISP-DM). Risk management in AI projects. Communication with stakeholders. Evaluation of progress and results.
· Form: Workshops, certifications (e.g., PMI-ACP with a focus on AI).
· Frequency: As needed, for designated individuals.
Additional elements of training programs:
· Micro-learning: short training modules available on demand.
· Hackathons and internal AI competitions: Stimulate creativity and practical application of knowledge.
· Access to e-learning platforms: Coursera, Udemy, edX, DataCamp, LinkedIn Learning.
· Train the Trainer programs: Preparing in-house AI trainers and mentors.
2.3.4 Building Interdisciplinary AI Teams and Center of Expertise (CoE)
The success of AI projects often depends on the effective collaboration of people with different competencies. Therefore, it is crucial to create interdisciplinary AI teams ("AI Squads"), consisting of:
· Business representatives (who understand the needs and context).
· Data Specialists (Data Scientists, Data Analysts).
· AI/ML engineers (responsible for building and implementing models).
· Data engineers (responsible for infrastructure and data flows).
· UX/UI experts (designing interactions with AI systems).
· AI project managers.
These teams should be embedded in specific projects or business areas, working in agile methodologies.
As AI initiatives evolve, the establishment of an AI Center of Excellence (CoE) is recommended. Tasks of a CoE may include:
· Defining AI strategies and standards for the entire organization.
· Support and coordinate AI projects in various departments.
· Development and sharing of best practices, tools and templates.
· Conducting research on new AI technologies and applications.
· Organization of AI training and competence development programs.
· Managing the MLOps platform and other key AI tools.
· Promoting a culture of AI and innovation.
· Ensure compliance with AI ethics and regulations.
A CoE can start as a small, central team and then evolve into a federated model, with representatives in different business units.
2.3.5 The Role of External Consultants and Knowledge Transfer
In the early stages of the transformation, and for more complex projects, it is worth considering the strategic involvement of external consultants and AI experts. They can contribute:
· Specialized knowledge and experience in specific areas of AI.
· Knowledge of market best practices and latest trends.
· An objective view of the organization's challenges and opportunities.
· Support in strategy development, architecture design, tool implementation.
· Conducting specialized training and workshops.
It is crucial that cooperation with consultants is not only focused on providing a specific solution, but also on knowledge transfer to internal teams. Clear mechanisms for transferring know-how should be defined, e.g. through joint project work, mentoring, documentation.
It is recommended to enter into framework agreements with selected specialized consulting firms or GenAI integrators to provide flexible access to expertise when needed (e.g., 100-200 consulting days per year in Phases 2 and 3).
2.3.6 Knowledge Management System in the Context of AI
Effective knowledge management is key to avoiding duplication of mistakes, accelerating learning and building a sustainable AI-based advantage. A centralized knowledge management (KM) system should be established that:
· Collected and documented: Knowledge from AI projects (goals, approaches, results, "lessons learned"), best practices, standards, templates, training materials, use case descriptions, technical documentation of models and tools.
· Facilitated search and access: Provided easy and quick access to needed information for all authorized employees.
· Supported knowledge sharing: Promoted a culture of knowledge and experience sharing through discussion forums, communities of practice, and regular knowledge-sharing sessions.
· It integrated with AI tools: It used AI to intelligently search, tag content, recommend materials, and even automatically generate documentation.
Recommended KM tools and platforms:
· A corporate intranet or portal based on SharePoint, for example.
· Wikis-type platforms, such as Confluence, with AI plugin integration (e.g., for Q&A over a knowledge base).
· Document management systems (DMS) with versioning and access control features.
· Social networking platforms for businesses, e.g., Microsoft Viva Engage (Yammer), Slack.
· Dedicated tools for building knowledge bases, e.g. Notion, Guru.
It is important that the KM system is actively promoted, easy to use and regularly updated.
2.3.7 Building an Organizational Culture that Supports AI
Technology and competence are not enough. For AI transformation to be successful, the right organizational culture is essential. The key elements of a culture that supports AI are:
· Vision-based leadership: Management and leaders actively promote the vision of an AI-powered organization by demonstrating commitment and leading by example.
· Data-Driven Mindset: Decisions are made based on data and facts, not intuition or conjecture.
· A culture of experimentation and learning: Acceptance of taking calculated risks, learning from mistakes and iteratively improving solutions.
· Collaboration and open communication: Breaking down silos, promoting teamwork and transparent information sharing.
· Continuous improvement (Kaizen): Striving for continuous improvement in processes, products and skills, using AI as a tool.
· Responsibility and ethics of AI: Awareness of AI's ethical and social implications, concern for privacy, security and integrity of algorithms.
· Focusing on customer value: Using AI to better understand customers' needs and provide them with valuable solutions.
Building such a culture is a long-term process, requiring consistent efforts in the areas of communication, training, incentive systems, workspace design and example from leaders.
2.4 Budget Area: Strategic Financial Management AI
Successful AI transformation requires not only vision and strategy, but also adequate and stable funding. The approach to budgeting for AI initiatives must evolve from ad hoc and short-term to strategic, long-term planning that ensures continued growth and allows for ambitious goals.
2.4.1 Current Status and Challenges in AI Budget Planning
The OLIMP analysis showed the following status in the Budget area:
· Long-term budget planning for development of solutions and infrastructure to support generative AI: Level B ("Short-term budget planning in selected projects"). Lack of a coherent, multi-year AI investment plan.
· Allocating funds for developing employees' generative AI competencies: Level B ("Occasional funding of training for selected employees"). Investment in human capital is insufficient and unsystematic.
· Funding for pilot and innovation projects related to generative AI: Level B ("Limited funding for individual projects"). There is a lack of dedicated fund for experimentation and testing of new ideas.
· Allocation of funds for external consultation on generative AI: Level A ("No allocation of funds for external consultation on AI"). The organization does not plan a budget for external expert support.
· Prioritization of projects generating high added value through generative AI: Level B ("Prioritization of only selected projects"). Lack of clear criteria and a systematic process for evaluating and selecting AI projects for their potential business impact.
Key challenges arising from the above gaps:
· Instability of funding: Makes it difficult to implement long-term strategic projects and build a sustainable AI infrastructure.
· Underinvestment in key areas: Such as competence development or research and development, which slows the progress of transformation.
· Risk of wasting resources: For projects with low potential or unrelated to the strategy.
· Lost opportunities for innovation: Due to lack of resources to explore new technologies and ideas.
· Difficulty in attracting and retaining AI talent: Who expect investment in their development and access to modern tools.
2.4.2 Recommendations for AI Long-Term Budget Planning
To ensure stable and effective financing of AI transformation, it is recommended:
1. Introducing a Rolling, 3-5 Year AI Investment Plan:
· This plan should be updated regularly (e.g., annually) and include both capital expenditures (CAPEX) and operating expenditures (OPEX).
· It should cover all key areas: technology infrastructure, software development and AI models, licensing, training and competence development, consulting, research and development.
2. Integration of AI Budgeting with the Company's Overall Strategic Planning and Budgeting Process:
· AI initiatives should not be treated as an isolated expense, but as an integral part of business strategy.
· Ensure consistency between AI transformation goals and the organization's financial goals.
3. Creation of a Central AI Transformation Fund or Dedicated Budget Lines:
· This will enable better control over spending and provide resources for strategic interdepartmental projects.
· Alternatively, AI budgets can be allocated to individual business units, but with central oversight and coordination.
4. Regular Budget Reviews and Plan Adjustments:
· The AI market is dynamically changing, so budget plans must be flexible and regularly reviewed based on progress, performance and new opportunities.
· Quarterly or semi-annual reviews of the AI budget should be established.
2.4.3 Funding for Competency Development and Training
Investment in developing employees' AI competencies is critical to the success of the transformation. Recommendations:
· Establishment of a Dedicated "AI Upskilling & Reskilling" Fund:
· The amount of the fund can be defined as a percentage of total payroll costs, e.g., initially 1-2%, eventually 2-3%.
· The fund should be used to finance training programs (internal and external), certifications, participation in conferences, access to e-learning platforms, mentoring programs.
· Inclusion of Training Costs in the Budgets of Individual AI Projects:
· Any major AI project should include a budget for developing the project team's competencies.
2.4.4 Budgeting for Pilot Projects, Innovation and AI Research
In order to stimulate innovation and enable the testing of new ideas, it is essential to allocate funds for exploratory activities:
· Create an "AI Innovation Fund" or "Fast-Fail Budget."
· Dedicated budget to fund small, short-term pilot projects (PoCs) and experiments with new AI technologies.
· The "fast-fail" approach means that projects that are not promising are quickly closed and lessons learned, minimizing losses.
· Recommended budget: a minimum of 5-7 pilot projects per year, with a budget of e.g. PLN 100,000 - 250,000 per pilot.
· Allocation of Funds for Research and Development (R&D) Activities in the AI Area:
· As the organization matures, part of the budget should be allocated to more fundamental research and development of its own unique AI solutions.
2.4.5 Allocation of Funds for Consultation and External Expertise
Support from outside experts can significantly speed up the transformation and help avoid costly mistakes. Recommended:
· Planning the Budget for Consulting and Expert Services:
· The amount of this budget could be 3-5% of the total AI transformation budget, especially in the first phases.
· These funds should be used to support strategy, architecture, implementation of specialized solutions, audits, training.
· Flexible Funding Mechanisms for Consultation:
· E.g., through framework agreements with preferred suppliers, allowing support to be obtained quickly when needed.
2.4.6 AI Investment Prioritization Model and TCO/ROI Analysis
With limited resources available, it is crucial to prioritize AI projects effectively. It is recommended to implement a scoring model for evaluating and selecting AI initiatives, based on the following criteria:
· Potential Return on Investment (ROI) and Business Value: What financial and non-financial benefits will the project bring?
· Strategic Fit: How does the project fit into the company's overall strategy and AI transformation goals?
· Technical and Organizational Feasibility: Do we have the necessary resources, competencies and technology to implement the project? What are the risks?
· Time-to-Market / Time-to-Value: How soon will the project produce its first results?
· Scalability of the Solution: Will the solution be easy to scale and grow in the future?
· Impact on Key Performance Indicators (KPIs): How will the project affect key business metrics?
· Ethical and Compliance Aspects (ESG): Does the project comply with AI ethics and regulations?
A detailed Total Cost of Ownership (TCO) analysis should be conducted for each selected project, taking into account all costs associated with implementing and maintaining the solution, as well as the projected Return on Investment (ROI).
Regular monitoring of these indicators after project implementation will allow assessment of the project's true value and decision-making for further development or optimization. Establishing an AI Governance Steering Committee to regularly (e.g., quarterly) review the AI project portfolio and make investment decisions is key to effective budget management.
2.5 Organization and Process Area (including CLIMB_2 context)
AI transformation is not just the implementation of new technologies, but a fundamental change in the way organizations operate. It requires redesigning existing processes, adjusting organizational structures, implementing new work methodologies, and building a robust governance framework. The CLIMB_2 analysis provides valuable context regarding the organization's current maturity in these areas.
2.5.1 Current Status of Business Processes and Identification of Bottlenecks
Data from CLIMB_2 indicate the following aspects:
· Formal New Product Development (NPD) model: Is followed but not always fully documented (Level C). This means risks of inconsistency, difficulties in knowledge transfer and limited opportunities for systematic improvement.
· Cross-functional collaboration: It is part of the process, but not systematic or fully effective (Level C). Organizational silos can impede the flow of information and collaboration needed in complex AI projects.
· Key Performance Indicators (KPIs): Are used to measure performance, but not in all process phases (Level D). A comprehensive performance monitoring system is lacking, making it difficult to identify areas for improvement.
· Methodologies that support efficiency: Such as front-loading (early involvement of various functions in the NPD process), continuous improvement initiatives (Kaizen) and designing different variants of solutions with elimination of weaker ones are at a low level of development (Level B).
· Focus on customer value: Is partial (Level B), meaning that not all activities are fully focused on delivering maximum value to customers.
· Knowledge Management (KM): Knowledge from previous projects is rarely systematically retrieved and used (Level B). A formal KM plan is lacking (Level A), and design principles are not regularly updated (Level B-C). Use of KM techniques and tools (e.g., PDM/PLM, KBE) is limited.
· Use of advanced design methods: Such as modularization (C), Design for X (DfX) (B-C), Design to Cost (DTC) (C), Life Cycle Costing (LCC) (D), Life Cycle Assessment & Engineering (LCA&E) (B), Value Analysis & Engineering (VA&E) (B), Quality Function Deployment (QFD) (D), Failure Mode and Effects Analysis (FMEA) (C), TRIZ (A) is inconsistent and needs strengthening.
Key challenges arising from the above gaps:
· Low efficiency and long development cycles: In processes such as NPD, due to lack of standardization, poor collaboration and limited use of modern methodologies.
· Difficulties in integrating AI into existing processes: If processes are unstructured or inefficient, AI implementation may fail to deliver the expected benefits and may even automate chaos.
· Duplicating mistakes and wasting resources: Due to poor knowledge management and lack of systematic learning from experience.
· Limited opportunities for innovation: Due to lack of a culture of continuous improvement and unsystematic use of advanced design methods.
2.5.2 Transforming the New Product Development (NPD) Process Using AI
The NPD process is a key area where AI can bring significant benefits. The following actions are recommended:
1. Mapping and Analysis of the Current NPD Process:
· Detailed mapping of all stages of the NPD process, identifying bottlenecks, inefficiencies and areas where AI can bring the most value.
2. Integrating AI at Every Stage of the NPD Process:
· Ideation and Conceptualization Phase:
· AI to analyze market trends, customer needs, competitor activities (e.g., by analyzing social media data, industry reports, patents).
· Generative AI to support brainstorming, creating initial ideas for products, features, names.
· AI to pre-assess the potential of ideas and select the most promising concepts.
· Design and Development Phase:
· Generative Design (Generative Design): AI creates optimized component designs based on set parameters (e.g., weight, strength, cost). Tools: Autodesk Fusion 360, PTC Creo Generative Design, Ansys Discovery.
· AI in Simulations (CAE): Faster and more accurate simulations of performance, reliability, product behavior under various conditions (e.g., FEA, CFD analysis). Reduced need to build costly physical prototypes.
· AI for DfM/DfA (Design for Manufacturing/Assembly) analysis: Design optimization for ease and cost of manufacturing and assembly.
· AI in Material Selection: Recommendations of materials that meet specific technical and cost requirements.
· Design Automation (KBE - Knowledge-Based Engineering): Using AI to automate routine design tasks.
· Testing and Validation Phase:
· AI for test automation of software and embedded systems.
· AI in test data analysis: Identification of anomalies, failure patterns, prediction of quality problems.
· AI to create test scenarios, including edge cases.
· Virtual prototyping and testing using VR/AR supported by AI.
· Launch Phase:
· AI in personalizing marketing and communications.
· AI for price optimization and sales forecasting.
· Post-Launch Phase:
· AI in analyzing customer feedback (e.g., from reviews, surveys, social media).
· AI in Predictive Maintenance for products with IoT components.
· GenAI-based chatbots and voicebots for customer support.
3. Implementation or Optimization of PDM/PLM Systems:
· PDM/PLM systems (e.g., Siemens Teamcenter, Dassault Systèmes ENOVIA, PTC Windchill, Autodesk Vault/Fusion 360 Manage) are key to managing product data throughout the lifecycle.
· Ensure their integration with AI tools and use AI to enrich the functionality of these systems (e.g., intelligent documentation retrieval, automatic part classification, risk prediction in projects).
4. Strengthening NPD's Knowledge Management Processes:
· Systematic collection and analysis of data from completed NPD projects.
· Create design knowledge bases, design rules, "lessons learned" - available and used by teams.
· Using AI to intelligently search and recommend design knowledge.
2.5.3 Optimization and Automation of Key Operational Processes
In addition to NPD, AI can bring significant improvements to other key operational processes, such as:
· Supply Chain Management: Demand forecasting, inventory optimization, logistics planning, supply chain risk management.
· Manufacturing: Predictive maintenance of machines, optimization of production processes (e.g., through digital twins), computer vision-based quality control.
· Marketing and Sales: Customer segmentation, personalization of offers, marketing campaign automation, lead scoring, sales chatbots.
· Customer Service: Intelligent chatbots and voicebots, automation of responses to inquiries, analysis of customer sentiment, personalization of support.
· Finance and Accounting: automation of accounting processes (RPA with AI), fraud detection, financial risk analysis.
· HR: Automation of recruitment processes, employee engagement analysis, personalization of development paths.
For each of these areas, it is necessary to conduct an analysis of AI potential, identify priority use cases and implement appropriate solutions.
2.5.4 Implementing AI Project Management Methodologies (Agile AI, CRISP-DM)
AI projects are often characterized by high uncertainty, iterative and exploratory elements. Traditional, cascading project management methodologies can be ineffective. It is recommended to implement or adapt agile methodologies such as:
· Agile for AI:
· An iterative and incremental approach, with short cycles (sprints).
· Frequent delivery of working prototypes and collection of feedback.
· Flexibility and willingness to change requirements.
· Close collaboration between the project team and business stakeholders.
· Use of tools such as Scrum, Kanban, tailored to the specifics of AI projects.
· CRISP-DM (Cross-Industry Standard Process for Data Mining):
· A popular methodology for data science projects, consisting of six phases: Understanding the Business, Understanding the Data, Data Preparation, Modeling, Evaluation, Implementation.
· It can be used in conjunction with Agile, where individual CRISP-DM phases are implemented within sprints.
Project managers and teams should be trained in these methodologies and internal processes and tools should be adapted to support them.
2.5.5 Establish a Governance Framework for AI: Policies, Ethics, Compliance
As the use of AI grows, it becomes critical to establish a robust AI governance framework to ensure responsible, ethical and legal use of the technology.
Key Elements of AI Governance:
· AI Steering Committee (AI Steering Committee): As mentioned earlier, responsible for strategic oversight, prioritization of investments and monitoring the progress of AI transformation.
· AI Policies and Standards:
· AI Ethics Policy: Specifying principles for responsible design, implementation and use of AI systems (e.g., fairness, transparency, explainability, non-discrimination, accountability). Should follow guidelines such as those proposed by the EU (e.g., AI Act).
· Data Security Policy for AI: Defining rules for protecting data used in AI systems, including personal data (GDPR compliance).
· AI Risk Management Policy: Specifying processes for identifying, assessing and mitigating AI risks.
· AI Model Quality and Validation Standards: defining criteria for evaluating the accuracy, reliability and robustness of AI models.
· Roles and Accountabilities in AI Governance:
· Chief AI Officer (CAIO) or AI Lead: Responsible for implementing AI strategy and overseeing AI Governance.
· AI Ethics Officer or AI Ethics Council: Advising on ethical issues and monitoring compliance with ethics policies.
· Lawyers and Compliance Specialists: Ensuring regulatory compliance.
· AI Impact Assessment (AI Impact Assessment) Processes:
· Regular evaluation of the potential impact of AI systems on employees, customers, society and the environment.
· Explainable AI (XAI) mechanisms:
· Strive to make decisions made by AI systems understandable and explainable, especially in critical applications.
· Training and Awareness Building:
· Educate employees on AI ethics, policies and procedures.
Compliance with the upcoming European Union AI Act will be crucial. You should start analyzing its requirements now and prepare your organization to meet them, especially with regard to the risk classification of AI systems and related responsibilities.
2.5.6 Change Management Strategy and Internal Communication
AI transformation is a significant change for an organization and its employees. Effective management of this change is critical to its success.
Key elements of a change management strategy:
· Leadership and Sponsor Involvement: Active support and involvement of the board and key leaders in the change process.
· Clear Vision and Communication: Clearly communicate the AI transformation vision, its goals, benefits and impact on employees. Communication should be regular, transparent and tailored to different audiences.
· Engaging Employees: Involving employees in the process of planning and implementing changes, gathering their opinions and ideas.
· Identifying and Managing Resistance: Understanding the causes of resistance to change and taking steps to overcome it (e.g., through education, training, support).
· Training and Competency Development: Preparing employees for new AI roles and tasks.
· Support and Coaching: Provide support to employees during the period of adaptation to change.
· Monitoring and Evaluation of Change Progress: Regularly checking how the change is being received and what results it is having.
· Celebrating Success: Recognize and reward achievements, both small and large, to build positive attitudes and motivation.
A detailed internal communications plan should be developed to support all stages of the AI transformation, informing employees of progress, successes, challenges and future plans.
2.5.7 Integration of Modern Design Methodologies (DfX, QFD, FMEA) with AI
As the CLIMB_2 analysis has shown, the use of advanced design methodologies is currently inconsistent. AI can significantly strengthen these methodologies and contribute to better products.
· Design for X (DfX): AI can support analysis of various aspects of "X" (e.g., Design for Manufacturing, Design for Assembly, Design for Sustainability, Design for Reliability) through simulations, analysis of historical data, and recommendations for optimal solutions.
· Quality Function Deployment (QFD): AI can help analyze Voice of Customer (VoC) at scale (e.g., by analyzing reviews, surveys, social media data) and translate customer needs into technical product characteristics.
· Failure Mode and Effects Analysis (FMEA): AI can support the identification of potential failure modes through historical data analysis, simulation and risk prediction. It can also help assess the impact of failures and recommend preventive actions.
· TRIZ (Theory of Innovation Problem Solving): AI, particularly LLM models, can be used to generate ideas for solutions to technical problems based on TRIZ principles and analysis of huge patent and scientific data sets.
· Value Analysis & Value Engineering (VA&E): AI can help identify areas where costs can be reduced without sacrificing functionality or increasing customer value.
· Modularization and Product Platforms: AI can support the design of modular product architectures and optimization of product platforms by analyzing complexity, cost and market requirements.
Training in these methodologies should be included in competence development programs for engineers and designers, and their use in conjunction with AI tools should be promoted.

3 AI Strategic Transformation Roadmap
Achieving the ambitious vision of an AI-powered organization requires a carefully planned, multi-phase roadmap. Below is a detailed transformation plan, divided into three key phases, covering a period of about 36 months. Each phase has clearly defined goals, priorities, key activities, expected results, and estimated budget and resources.
3.1 Phase 1: Foundations and Quick Victories (0-9 months)
Phase 1 motto: "We are building a solid foundation, learning and demonstrating the value of AI."
3.1.1 Key Objectives and Priorities for Phase 1
· Strategy and Governance: Develop and approve a comprehensive AI transformation strategy and Data Governance and AI Governance framework. Establish an AI Steering Committee.
· Awareness and Competence: Raise overall awareness of AI in the organization through the "AI Awareness Bootcamp" program. Initiate basic training for selected groups of employees.
· Data Infrastructure: Design the architecture of the target data platform. Launching a pilot project (PoC) Data Lakehouse. Implement basic data quality assessment tools.
· Quick Wins: Identify and execute 2-3 AI projects with high potential for rapid ROI and demonstrable business impact to build enthusiasm and support for further transformation.
· Team and Resources: Establish an AI Champion or seed AI team (e.g., a small, interdisciplinary project team). Secure a budget for Phase 1 activities.
3.1.2 Main Activities and Initiatives
· Months 1-3: Planning and Mobilization
· Formal establishment of AI Steering Committee and transformation project team.
· Conduct detailed audits: current data infrastructure, IT systems, employee competencies, business processes.
· Develop and approve the AI Transformation Strategy, including vision, goals, priorities, roadmap and governance framework.
· Development of a detailed architecture for the target data platform (Data Lakehouse).
· Selecting technologies and vendors for PoC Data Lakehouse and data quality tools.
· Define and select 2-3 "Quick Win" projects.
· Develop a communication plan for Phase 1.
· Months 4-6: Building the Foundations and First Training.
· Begin implementation of PoC Data Lakehouse on selected cloud platform.
· Implementation of basic profiling and data quality monitoring tools for selected collections.
· Launch the "AI Awareness Bootcamp" program for the first group of employees (e.g., executives, key specialists).
· Begin basic training in data analysis, Python, SQL and prompting for designated individuals.
· Start working on "Quick Win" projects (e.g., automation of KPI report generation, implementation of an internal Q&A chatbot based on company documentation, piloting GenAI in data visualization for a selected use case).
· Selection and implementation of a simple knowledge management platform (e.g., dedicated channel on MS Teams/Slack, basic structure in SharePoint).
· Months 7-9: Implementation of Quick Wins and Evaluation.
· Completion and implementation of "Quick Win" projects. Presentation of results and benefits to the organization.
· Completion of PoC Data Lakehouse. Evaluate the results, draw conclusions and prepare a plan for full implementation.
· Continuation of training programs.
· Develop a detailed Phase 2 plan, including budget and resource requirements.
· Conduct the first assessment of the transformation's progress and adjust plans if necessary.
3.1.3 Expected Deliverables and Milestones
· Approved AI Transformation Strategy and Governance Framework.
· Acting AI Steering Committee.
· Designed Data Platform Target Architecture.
· Functioning Prototype (PoC) Data Lakehouse.
· Implemented basic tools to assess data quality.
· Trained first group of employees in "AI Awareness Bootcamp" and basic technical training.
· Completed and implemented 2-3 "Quick Win" projects demonstrating the value of AI.
· A working basic knowledge management platform.
· Detailed plan and approved budget for Phase 2.
3.1.4 Estimated Budget and Resources for Phase 1
· Estimated Budget: 800,000 - 1,500,000 PLN
· Main cost items: Consulting services (strategy, architecture), software licenses (data quality tools, cloud platform for PoC), training costs, human resources (AI Champion, project team), possible costs of tools for "Quick Win" projects.
· Key Human Resources:
· Internal: AI Champion/Lead, Project Manager, business analysts, IT specialists, key department representatives.
· External: AI strategy consultants, data architecture, specialists in selected technologies.
3.2 Phase 2: Development, Scaling and Integration (9-24 months)
Phase 2 motto: "We are expanding capabilities, scaling successes and integrating AI into the business."
3.2.1 Key Objectives and Priorities for Phase 2
· Data Infrastructure and AI: Implementation of a production, scalable Data Lakehouse platform. Implementation of comprehensive Data Quality, Data Catalog and MDM tools. Launch of MLOps platform.
· Competency and Team: Expansion of training programs ("AI Academy") for various employee groups. Formalization and development of the AI Competence Center (CoE). Recruitment or development of AI specialists.
· AI projects: Scale successful initiatives from Phase 1. Implement 5-10 more complex AI projects in key business areas (e.g., NPD, customer service, operations optimization).
· Processes and Organization: Integration of AI into key business processes. Implement AI project management methodologies. Establish and implement Responsible AI policies. Implement or expand PDM/PLM system.
· Knowledge Management: Development and popularization of a central KM platform.
3.2.2 Main Activities and Initiatives
· Months 10-15: Platform Building and Team Development
· Begin full implementation of the production Data Lakehouse platform. Migration of key data.
· Implementation of Data Quality Management, Data Catalog and Master Data Management tools.
· Launch of the MLOps platform (initial version).
· Formal establishment and development of AI Competence Center (CoE). Recruitment or retraining of specialists (Data Scientists, ML Engineers, Data Engineers).
· Launching an "AI Academy" with dedicated training tracks.
· Starting work on the next wave of AI projects, including integrating AI with the NPD process.
· Implement or expand PDM/PLM system and integrate with CAD systems.
· Months 16-21: Project Scaling and Process Integration
· Continue to implement and scale AI projects. Monitor benefits and ROI.
· Full implementation of the MLOps platform and standardization of AI model lifecycle management processes.
· Integration of AI tools with key business systems (ERP, CRM, PDM/PLM).
· Develop and implement Responsible AI policies (ethics, transparency, compliance).
· Training teams in new AI-enabled processes and methodologies (e.g., Agile for AI).
· Development and promotion of a central knowledge management platform, enriching it with content from ongoing projects.
· Months 22-24: Phase 3 Optimization and Planning
· Optimization of implemented AI solutions. Continuous monitoring and improvement of models.
· Assessing the organization's AI maturity (e.g., OLIMP re-survey).
· Collecting "lessons learned" from Phase 2.
· Development of a detailed Phase 3 plan, including identification of strategic innovation initiatives.
· Update on long-term AI strategy and budget.
3.2.3 Expected Deliverables and Milestones
· A fully operational, scalable and integrated Data Lakehouse platform.
· Implemented comprehensive Data Quality, Data Catalog and MDM tools.
· A functioning MLOps platform to support the entire lifecycle of AI models.
· Operating and growing AI Competence Center (CoE) with a team of specialists.
· Significant number of employees trained under the "AI Academy."
· Completed and implemented 5-10 AI projects with tangible business benefits.
· An integrated PDM/PLM system to support the NPD process.
· Implemented Responsible AI policies and AI project management methodologies.
· Actively used central knowledge management platform.
· Measurable improvement in key performance indicators (KPIs) in areas covered by AI.
3.2.4 Estimated Budget and Resources for Phase 2
· Estimated Budget: 2,500,000 - 5,000,000 PLN (annually, for about 1.25 years).
· Major cost items: Cloud infrastructure development, advanced software licenses (Data Governance, MLOps, PDM/PLM), AI model development and implementation costs, salaries for AI specialists (CoE), extensive training programs, consulting services for specialized projects.
· Key Human Resources:
· Internal: Extensive CoE team (Data Scientists, ML Engineers, Data Engineers, AI Product Owners, Data Stewards), AI project managers, business analysts, IT specialists, trained employees in various departments.
· External: Specialized AI consultants (as needed), trainers.
3.3 Phase 3: Optimization, Innovation and AI-Native Excellence (24-36+ months)
Phase 3 motto: "AI is in our DNA. We are constantly improving, creating breakthrough innovations and leading the market."
3.3.1 Key Objectives and Priorities for Phase 3
· Operational Excellence: Achieve full integration of AI into key business processes. Full automation of data pipelines and QA processes. Continuous optimization of AI models and solutions.
· AI-First Culture: Establish an organizational culture based on data, experimentation, continuous learning and responsible use of AI. AI becomes a natural part of everyday work.
· AI Driven Innovation: Using AI to generate breakthrough product, service and process innovations. Conducting strategic research and development projects in the area of AI.
· Democratization of AI: Development of advanced self-service analytics and AI tools, enabling a wide range of employees to benefit from the technology's potential.
· Market Leadership: Achieve and maintain a leadership position in the use of AI in your industry. Building a unique competitive advantage.
3.3.2 Main Activities and Initiatives
· Continuous Optimization and Automation:
· Implementing the Enterprise Data Mesh concept for decentralized domain data management.
· Full automation of ETL/ELT and Data Quality Assurance processes for >95% of critical data.
· Continuous monitoring, retraining and optimization of AI models in production (A/B testing, champion-challenger).
· Using AI to automate routine tasks in various departments (e.g., through Intelligent Process Automation - IPA).
· Development of Advanced AI Applications:
· Extensive use of Generative AI throughout the product life cycle (from ideation to design to marketing and after-sales service).
· Implement advanced self-service analytics tools and AI copilots for employees.
· Exploration and implementation of new AI technologies (e.g., multimodal AI, quantum AI - in perspective, Edge AI, digital twins).
· Development of proprietary, unique AI models and solutions as a source of competitive advantage.
· Strengthening AI Culture and Competence:
· Implement individual AI competency development paths for all employees.
· Launching internal mentoring and "train the trainer" programs on a large scale.
· Organizing regular hackathons, internal AI competitions, and knowledge-sharing sessions to stimulate innovation and collaboration.
· Full use of the knowledge management platform, enhanced with AI features (e.g., intelligent search, content recommendations, automatic generation of summaries).
· Strategic Innovation Initiatives:
· Conducting long-term research and development projects in the field of AI, in cooperation with universities and research institutes.
· Creating new AI-based business models (e.g., AI-as-a-Service, subscription-based products with AI features).
· Monitor and adapt to global AI trends and regulations.
3.3.3 Expected Deliverables and Milestones
· Achieve level E (excellence) in all key AI maturity indicators (OLIMP).
· AI as an integral part of strategy, culture and all key business processes.
· Fully automated and optimized data pipelines and AI model management processes.
· Widely used self-service AI and predictive analytics tools.
· An established AI-first culture, with high levels of AI competence throughout the organization.
· A portfolio of innovative AI-based products and services generating significant revenues.
· AI Center of Excellence acting as an innovation engine and center of expertise.
· Measurable and sustainable impact of AI on key business metrics (ROI, TTM, customer satisfaction, market share).
· An organization recognized as a leader and innovator in AI in its industry.
3.3.4 Estimated Budget and Resources for Phase 3
· Estimated Budget: 4,000,000 - 8,000,000 PLN per year (and more, depending on the scale of innovation and ambition)
· Major cost items: Maintenance and optimization of advanced cloud infrastructure and AI platforms, licenses for specialized software, ongoing development of competencies, funding of strategic R&D and innovation projects, costs of CoE team and AI specialists, potential investments in AI startups or acquisitions.
· Key Human Resources:
· Internal: Strong, strategic AI CoE (10+ FTEs), distributed AI teams in business units, Data Stewards in each data domain, AI Ethics Officer, specialists in new AI technologies. All employees with the appropriate level of AI competency for their roles.
· External: Strategic partnerships with universities, research institutes, leading AI technology providers. Access to niche experts as needed.
This roadmap is ambitious, but its implementation will enable your Company not only to adapt to the AI era, but to become an active creator and beneficiary of it, building lasting value for customers, employees and shareholders. The key to success will be consistency in action, flexibility in responding to change, and strong leadership and commitment from the entire organization.

4 Resources, Total Budget and Governance Model
Successful implementation of a strategic roadmap for AI transformation requires careful planning and allocation of adequate resources - human, technological and financial - and the establishment of a robust governance model to ensure coordination, control and compliance.
4.1 Required Human Resources: Structure, Roles and Responsibilities
People are the most valuable resource in any transformation. Building the right competencies and organizational structures is critical to the success of AI initiatives.
4.1.1 Key Roles in AI Transformation
As the transformation progresses, the following key roles should be developed or acquired in the organization (some may be combined, especially in the beginning):
· Chief AI Officer (CAIO) / AI Lead (AI Transformation Leader):
· Responsibilities: Strategic leadership of overall AI transformation, defining vision and goals, overseeing roadmap implementation, representing AI initiatives at board level, building AI culture.
· Competencies: Deep understanding of AI technology and its business applications, strategic thinking skills, leadership and change management skills.
· Data Scientist / Data Analyst (with a focus on AI):
· Responsibilities: Data mining, building and validating predictive and prescriptive models, developing AI algorithms, working with business to understand needs and interpret results.
· Competencies: Statistics, machine learning, programming (Python, R), analytical tools, data visualization, ability to communicate complex issues.
· Machine Learning Engineer (ML Engineer):
· Responsibilities: Operationalize ML models (deployment to production), build and maintain MLOps pipeline, monitor model performance, optimize and scale AI solutions.
· Expertise: Software engineering, cloud platforms, containerization (Docker, Kubernetes), MLOps tools, DevOps skills.
· Data Engineer:
· Responsibilities: Design, build and maintain data infrastructure (Data Lakehouse, ETL/ELT pipelines), ensure data quality and availability for analytics and AI teams.
· Expertise: Database technologies, ETL/ELT tools, programming (Python, Scala, SQL), cloud platforms, data management.
· AI Product Owner / Manager:
· Responsibilities: Defining vision and strategy for AI-based products, managing product backlog, collaborating with development teams and business stakeholders, ensuring user value.
· Competencies: Understanding of AI technologies, Agile methodologies, product management, communication and negotiation skills.
· Prompt Engineer (Prompt Engineer):
· Responsibilities: Design, test and optimize prompts for generative AI models (LLM, diffusion models) to achieve desired and accurate results.
· Competencies: Deep understanding of how GenAI models work, creativity, analytical skills, knowledge of the specifics of different models.
· Data Steward / Data Owner:
· Responsibility: Managing the quality, security and compliance of specific data domains (Data Owner - business responsibility, Data Steward - operational responsibility).
· Competencies: Knowledge of data in your domain, understanding of business processes, analytical skills, knowledge of Data Governance principles.
· AI Ethics Officer / Responsible AI Specialist:
· Responsibility: Overseeing the ethical and responsible use of AI, developing and implementing AI ethics policies, advising on compliance and risk issues.
· Competencies: Knowledge of AI ethics, legal regulations (AI Act, GDPR), ability to analyze social impact of technology.
· AI Trainer / Coach:
· Responsibility: Conducting AI training and workshops, supporting employee competence development, mentoring.
· Competencies: Content knowledge of AI, teaching and presentation skills.
· Business Analyst (trained in AI):
· Responsibilities: Identify AI use cases in business processes, translate business needs into technical requirements for AI teams, support implementation of solutions.
· Competencies: Knowledge of business processes, analytical skills, basic knowledge of AI, communication skills.
4.1.2 AI Talent Recruitment, Development and Retention Strategies
The market for AI professionals is highly competitive. The organization must adopt a proactive strategy to attract, develop and retain talent:
· External Recruitment:
· Actively seek candidates for specialized positions (Data Scientist, ML Engineer) in the labor market, through industry portals, participation in conferences, cooperation with universities.
· Building an attractive employer brand (employer branding) as an innovative company investing in AI.
· Internal Development (Upskilling and Reskilling):
· Identify employees with the potential to develop into AI roles and offer them dedicated training paths and development programs (in accordance with section 2.3.3).
· Promoting internal mobility and opportunities for career change.
· Internship and Graduate Programs:
· Work with universities to organize internships and programs for technical and analytical graduates.
· Talent Retention:
· Offering competitive salary terms and benefits.
· Providing interesting and challenging projects and opportunities to work with the latest technologies.
· Creating an organizational culture based on respect, cooperation and appreciation of employees' contributions.
· Investing in ongoing development and advancement opportunities.
· Ensuring appropriate work-life balance.
· Working with Freelancers and Consultants:
· Flexible use of outside specialists for specific tasks or projects, especially for niche competencies.
4.2 Technologies, Tools and Platforms: AI Ecosystem
Selecting the right technologies, tools and platforms is crucial to building an effective and scalable AI ecosystem. Detailed technology recommendations are presented in Section 2.2.3. Below is a summary of key categories and selection criteria.
4.2.1 Recommended Technology Stack (Summary)
· Cloud Platforms: AWS, Azure, GCP (or hybrid/multi-cloud approach).
· Data Storage and Processing: Data Lakehouse solutions (Databricks, Snowflake, cloud native services).
· Data Integration (ETL/ELT): Apache Airflow, dbt, Azure Data Factory, AWS Glue, Talend.
· Data Quality and Data Observability: Great Expectations, Monte Carlo, SodaCL, Collibra DQ.
· Metadata Management and Data Catalog: Collibra, Alation, DataHub, Azure Purview.
· Business Intelligence and Visualization: Power BI, Tableau, Qlik Sense, Looker (with GenAI features).
· AI/ML platforms and MLOps: MLflow, Kubeflow, SageMaker, Azure ML, Vertex AI, DataRobot.
· Generative AI tools: LLM model APIs (OpenAI, Anthropic, Cohere), platforms for building GenAI applications (LangChain, LlamaIndex), model fine-tuning tools.
· Domain Systems: PDM/PLM (Teamcenter, ENOVIA, Windchill), ERP, CRM - integrated with AI platform.
· Collaboration and Knowledge Management Tools: Confluence, SharePoint, MS Teams, Jira.
4.2.2 Selection Criteria for Suppliers and Tools
The following criteria should guide the selection of specific technologies and suppliers:
· Functionality and Fit for Need: Does the tool meet the organization's specific requirements?
· Scalability and Performance: Will the solution be able to handle increasing data volumes and computational complexity?
· Ease of Integration: Can the tool be easily integrated into existing systems and other elements of the technology stack?
· Cost (TCO): What is the total cost of ownership of the solution (licenses, implementation, maintenance, resources)?
· Security and Compliance: Does the solution provide an adequate level of data security and support regulatory compliance?
· Vendor Support and Community: What is the quality of technical support offered by the vendor? Is there an active user community?
· Ease of Use and Learning Curve: How quickly will teams be able to learn to use the tool?
· Openness and Flexibility: Is the solution based on open standards? Does it avoid vendor lock-in?
· Product Development Roadmap: What are the future development plans for the tool?
It is recommended that pilot projects (PoC) and thorough evaluation (Proof of Value - PoV) be conducted before final decisions are made on the selection of key technologies.
4.3 Detailed AI Transformation Budget (Overall and per Phase)
Below is an estimated budget for the entire AI transformation, broken down by phase and major cost categories. It should be emphasized that these are indicative values and require detailed verification in the context of the specifics of your organization. The base currency is PLN. (Amounts from the OpenAI report in EUR have been converted at an exchange rate of 1 EUR = 4.3 PLN - indicative rate, to be verified).
4.3.1 Breakdown of Costs: CAPEX and OPEX
· Capital Expenditures (CAPEX): Mainly includes one-time investments in infrastructure (e.g., purchase of servers in the on-premise model, if applicable), software licenses (in the perpetual model), system implementation costs. OPEX expenses dominate in the cloud model.
· Operating Expenses (OPEX): Include costs for cloud service subscriptions, SaaS software licenses, salaries for AI teams, training costs, systems maintenance, consulting.
4.3.2 Major Cost Items and Estimated Total Budget (36 months).
	Cost Category
	Phase 1 (0-9 months).
	Phase 2 (9-24 months).
	Phase 3 (24-36+ months).
	Total (36 months).

	1. infrastructure and platforms
	
	
	
	

	- Cloud Services (Compute, Storage)
	150 - 300 thousand PLN.
	500 thousand - 1.2 million PLN
	800 thousand - 2 million PLN
	1.45 - 3.5 million PLN

	- Software Licenses (Data, AI)
	PLN 100 - 250 thousand.
	400 thousand - 1 million PLN
	600 thousand - 1.5 million PLN
	1.1 - 2.75 million PLN

	- PDM/PLM tools (if implemented)
	50 - 100 thousand PLN (analysis)
	500 thousand - 1.5 million PLN (wdr.).
	100 - 300 thousand PLN (maintenance).
	0.65 - 1.9 million PLN

	2 Human Resources (Internal).
	
	
	
	

	- Salaries of the AI Team (CoE).
	150 - 300 thousand PLN.
	800 thousand - 2 million PLN
	1.5 million - 3.5 million PLN
	2.45 - 5.8 million PLN

	- Recruitment Costs
	30 - 60 thousand PLN.
	PLN 100 - 200 thousand.
	PLN 100 - 200 thousand.
	0.23 - 0.46 million PLN

	3 Competency Development and Training
	PLN 100 - 200 thousand.
	300 - 600 thousand PLN
	400 - 800 thousand PLN.
	0.8 - 1.6 million PLN

	4 External Services (Consulting)
	150 - 300 thousand PLN.
	300 - 700 thousand PLN.
	300 - 700 thousand PLN.
	0.75 - 1.7 million PLN

	5. pilot projects and R&D
	PLN 100 - 250 thousand.
	PLN 200 - 500 thousand.
	500 thousand - 1 million PLN
	0.8 - 1.75 million PLN

	6. change management and communication
	20 - 40 thousand PLN.
	50 - 100 thousand PLN.
	50 - 100 thousand PLN.
	0.12 - 0.24 million PLN

	SUM OF PHASE
	0.8 - 1.5 million PLN
	3.15 - 7.6 million PLN
	4.25 - 10.1 million PLN
	

	TOTAL SUM (36 months)
	
	
	
	8.2 - 19.2 million PLN


Justifications and comments on the budget:
· The above amounts are broad ranges and depend on many factors (scale of the organization, complexity of projects, choice of specific technologies, market conditions).
· Phase 1: Focus on strategy, PoC, initial training and quick wins. Lower infrastructure and team costs.
· Phase 2: Largest investment in platform building, CoE team development, project scaling and extensive training programs. PDM/PLM costs can be significant if the system is implemented from scratch.
· Phase 3: Maintenance and optimization of existing systems, but also increasing investment in R&D, new technologies and strategic innovation projects. CoE team fully developed.
· Human resource costs are the largest item and will increase as the AI team grows.
· Consider the potential savings and revenue growth generated by deployed AI solutions, which may partially offset costs (see Section 6.1).
4.3.3 Strategies for Financing AI Initiatives
· Central Budget: Key, strategic investments (e.g., data platform, CoE) should be funded from the central budget.
· Departmental Budgets: Individual business units can co-fund AI projects that directly benefit them, within their budgets.
· Grants and Subsidies: It is worth actively seeking opportunities to obtain external funding for innovation and R&D projects (e.g., from EU programs, national agencies).
· Strategic Partnerships: Consider partnerships with technology providers or other companies to co-finance and co-create AI solutions.
4.4 AI Transformation Governance Model (AI Governance Framework)
Establishing an effective governance model is essential to ensure that the AI transformation goes according to plan, is consistent with the company's strategy, and that risks are properly managed.
4.4.1 AI Steering Committee (AI Steering Committee).
· Composition: Top management representatives (CEO, CFO, CIO, COO), AI Transformation Leader (CAIO), heads of key business units, legal/compliance representative.
· Mandate and Accountability:
· Approval of AI transformation strategy and its updates.
· Making key investment decisions and budget allocation.
· Monitor the progress of the roadmap and key KPIs.
· Solve problems and remove barriers at the strategic level.
· Ensure that AI initiatives are consistent with the company's overall strategy.
· Promoting AI culture in the organization.
· Frequency of Meetings: Regularly, such as quarterly, and ad-hoc as needed.
4.4.2 AI Center of Excellence (CoE).
Described in detail in Section 2.3.4, the CoE has a key operational and expert role in AI transformation.
· Structure: It can be central or federated. Should be led by a CoE Leader (reporting to the CAIO or directly to the Steering Committee).
· Functions: Develop standards and best practices, support AI projects, develop competencies, manage AI platforms, research and innovation, promote AI ethics.
4.4.3 Decision, Reporting and Escalation Processes
· Decision Processes: Clearly defined decision-making paths at different levels (strategic - Steering Committee, operational - CoE, project - AI teams).
· Reporting System: Regular reporting of progress, results, risks and budget from the project level to the CoE and then to the Steering Committee. Use of KPI dashboards.
· Escalation Mechanisms: Defined escalation paths for problems and risks that cannot be resolved at lower levels.
4.4.4 AI Ethics, Security and Compliance Policies
Described in detail in Section 2.5.5, it is critical to develop, implement and regularly update policies on:
· AI ethics (integrity, transparency, accountability).
· Security of data used in AI systems.
· Privacy and GDPR Compliance.
· Compliance with the AI Act and other relevant regulations.
· AI risk management.
Provide regular employee training on these policies and monitor compliance.
4.5 Risk Management and Contingency Planning in AI Projects
AI transformation, like any major change, involves risk. Proactive risk management is key to minimizing negative impacts and ensuring business continuity.
4.5.1 Identification of Key Transformation Risks
In addition to technological risks (Section 2.2.8), consider:
· Human Risks: Resistance to change, lack of commitment, loss of key talent, insufficient competence.
· Process Risks: Inefficient processes hindering AI implementation, lack of standardization, integration problems.
· Financial Risks: Budget overruns, lower-than-expected ROI, liquidity problems.
· Ethical and Reputational Risks: Unintended consequences of AI systems (e.g., discrimination), invasion of privacy, negative public perception.
· Market and Competitive Risks: Rapid technological changes, emergence of new competitors, changing customer expectations.
· Supplier Dependency Risks: Problems with service quality, changes in terms of cooperation, supplier bankruptcy.
4.5.2 Risk Mitigation Strategies and Business Continuity Plans
Mitigation strategies should be developed for each identified risk, such as:
· Human Risks: Effective change management, training programs, incentive systems, succession plans.
· Process Risks: Process mapping and optimization prior to AI implementation, standardization, careful integration planning.
· Financial Risks: Regular budget monitoring, flexible planning, ROI analysis, diversification of funding sources.
· Ethical Risks: Implementation of AI Governance framework, ethical audits, transparency and explainability mechanisms.
· Market Risks: Continuous monitoring of the environment, strategic flexibility, investment in innovation.
· Relationship Risks: Diversify suppliers, carefully analyze contracts, build partnerships.
Business Continuity Plans (BCPs) should also be developed for critical AI-based systems and processes to ensure their operation in the event of failures or other unforeseen events. Regular testing of these plans is essential.

5 Success Indicators, Monitoring and Continuous Improvement
In order to effectively manage the AI transformation and evaluate its progress, it is essential to define clear indicators of success (KPIs), implement a monitoring system, and establish continuous improvement mechanisms.
5.1 Key Performance Indicators (KPIs) for AI Transformation
KPIs should be SMART (Specific, Measurable, Achievable, Relevant, Time-bound) and cover all key areas of transformation. Below is a sample set of KPIs that should be tailored to the specifics of your organization and strategic objectives. For each KPI, define baseline values and targets for each stage of the transformation (e.g., after 12, 24, 36 months).
5.1.1 KPIs for the Data and Technology Area
· Data Quality:
· Data Quality Score: % of critical data meeting defined quality standards (Target 36 months: >95%).
· Data Completeness: % completeness of key attributes in datasets (Target 36 months: >98%).
· Data Accuracy: % correctness of data in critical systems (Target 36 months: >99%).
· Reduction in data quality incidents: % (36-month target: -80%).
· Automation and Data Availability:
· % of ETL/ELT processes automated: (36-month target: >90%).
· Average Time to Prepare Data for Analysis (Data Latency): (Target 36 months: < 1 hour for key analyses).
· % of critical data available in central Data Lakehouse: (36 month target: >95%).
· Data Platform Reliability (Uptime): (Target 36 months: 99.9%).
· Use of AI Tools and Platforms:
· Number of AI models deployed on MLOps platform: (Target 36 months: ≥25).
· % of ML experiments conducted in an automated manner: (Target 36 months: ≥80%).
· Degree of use of Data Catalog and MDM tools by users: (Number of queries, active users).
· % of reports and analysis generated using GenAI: (36 month target: >50%).
5.1.2 KPIs for the People and Competency Area
· AI Awareness and Competence:
· AI Literacy Rate: % of employees who have completed basic "AI Awareness Bootcamp" training (Target 36 months: >90%).
· % of employees with AI certifications or completed advanced training under "AI Academy": (36-month target: >30% in key departments).
· Number of staff in specialized roles in CoE AI: (Target 36 months: 10+ FTEs).
· AI training satisfaction rating (1-5 scale): (Goal 36 months: mean >4.5).
· Engagement and AI Culture:
· eNPS (Employee Net Promoter Score) for AI tools and initiatives: (Target 36 months: >+50).
· Number of innovations/improvements reported by employees thanks to AI: (Target 36 months: >50 per year).
· Activity on knowledge management (KM) platform: (Number of views, content added, active users - 36 month goal: >70% knowledge-intensive employees).
· Turnover of AI specialists: (36-month target: maintain below market average).
· Teams and Collaboration:
· Number of active, interdisciplinary AI teams ("AI Squads"): (Target 36 months: >5).
· % of AI projects implemented by interdisciplinary teams: (Target 36 months: 100%).
5.1.3 KPIs for the Organization and Process Area
· Effectiveness of the New Product Development (NPD) Process:
· Reduction in Average Time-to-Market (TTM): % (36-month target: -20-30%).
· Product Development Cost Reduction: % (36 month target: -15-25%).
· % of NPD projects using AI tools and methodologies (e.g., generative design, AI simulations): (36 month target: >75%).
· Improve New Product Success Rate (NPS, market share): % (Target 36 months: +10-20%).
· Optimizing Operational Processes:
· % of automated tasks in key processes (e.g., customer service, finance): (36-month target: >60%).
· Reduction in operating costs in AI areas: % (36-month target: -10-20%).
· Improved efficiency (e.g., cycle time reduction, error reduction) in optimized processes: %.
· Governance (Governance) and Compliance:
· Degree of implementation of AI Governance policies (audit assessment): (Target 36 months: 100%).
· Number of incidents involving violations of AI ethics or regulations: (Target 36 months: 0).
· Level of readiness to meet AI Act requirements (audit assessment): (Target 36 months: full compliance).
5.1.4 Financial and Business KPIs
· Return on Investment (ROI) in AI Projects:
· ROI for overall AI transformation (after 36-48 months): % (Target: >150-200%).
· Average ROI for individual AI projects (after 12-24 months of implementation): % (Target: >30-50%).
· Payback Period for key AI investments: (Target: <24-36 months).
· Impact on Company Financial Performance:
· Revenue growth generated by AI-based products/services: Amount / % (36 month target: significant, measurable growth).
· Gross margin growth due to cost optimization and new AI products: pp.
· Impact on EBITDA: Amount / %.
· Customer Value and Market Position:
· Increase in Customer Satisfaction Index (CSAT, NPS): % / points.
· Market Share Growth in Key Segments: pp.
· Increase in Customer Lifetime Value (CLV): %.
· Number of new customers acquired through AI innovations.
5.2 Progress Monitoring, Reporting and Review System
To ensure effective tracking of progress and informed decision-making, a systematic monitoring and reporting process should be implemented:
· KPI Dashboards:
· Create a central, interactive dashboard (e.g., in Power BI, Tableau) that presents AI transformation key performance indicators in real time or with regular updates.
· Dashboards should be tailored to different levels of management (from operational to strategic).
· Regular Reporting:
· Monthly Operational Reports: Prepared by the CoE and project teams, focusing on task progress, budget utilization, identification of issues and risks.
· Quarterly Strategic Reports: Prepared for the AI Steering Committee, presenting progress on phase objectives, results of key KPIs, assessment of risks, recommendations for further actions and possible adjustments to the strategy.
· Annual Summary Reports: Comprehensive assessment of AI transformation results for the year, analysis of benefits achieved, lessons learned for the future.
· Cyclical Strategic and Operational Reviews:
· AI Steering Committee Meetings: quarterly, to review progress, make strategic decisions and allocate resources.
· CoE AI Team meetings: every week/two weeks, to coordinate activities, solve operational problems, share knowledge.
· AI Project Reviews: regular status meetings for individual projects, assessing progress, identifying risks.
· AI Maturity Audits:
· Conduct regular (e.g., every 12 months) AI maturity audits using assessment frameworks (such as OLIMP) to measure progress against baseline and targets.
5.3 Mechanisms for Continuous Improvement (Kaizen AI) and Strategy Adaptation
AI transformation is not a one-time project, but a continuous process of evolution and adaptation. Continuous improvement mechanisms need to be built into the organization:
· Feedback Loops:
· Systematic collection of feedback from AI system users, employees involved in the transformation, customers and other stakeholders.
· Using this information to identify areas for improvement and make adjustments.
· "Lessons Learned" Processes:
· After each AI project or major transformation milestone is completed, conduct "lessons learned" sessions to identify successes, failures and lessons for the future.
· Document and share these findings through a knowledge management platform.
· Culture of Experimentation and Innovation:
· Encourage testing of new ideas, tools and approaches in a controlled environment.
· Promoting a culture in which mistakes are treated as learning opportunities.
· Regularly review and update the portfolio of AI initiatives based on experimental results.
· Benchmarking and Trend Monitoring:
· Regularly benchmark the organization's performance and practices against industry leaders and market standards.
· Continuous monitoring of the latest technological, regulatory and market trends in the area of AI.
· Adapting AI Strategies:
· The AI transformation strategy should not be a static document. It should be reviewed regularly (e.g., annually) and adjusted based on the results achieved, the changing business environment and new technological opportunities.
· Flexibility and the ability to adapt quickly will be key to long-term success.
Implementing these mechanisms will allow the organization not only to achieve its AI transformation goals, but also to maintain its growth momentum and continuously improve its capabilities in using AI.

6 Business Benefits, Cultural Transformation and Future Vision
AI transformation is a strategic investment that has the potential to deliver a number of tangible business benefits to an organization, transform its organizational culture and open up new growth prospects. Understanding and quantifying these benefits is key to justifying the investment and mobilizing the entire organization to act.
6.1 Measurable Business Benefits and Return on Investment (ROI)
Implementing AI in key business areas such as new product development, operations, marketing, sales and customer service will translate into tangible, measurable benefits:
6.1.1 Cost Savings and Increased Operational Efficiency
· Process Automation:
· Reduce manual labor costs by automating routine and repetitive tasks (e.g., in accounting, HR, customer service, data entry). Estimated savings: 15-25% of labor costs in automated areas.
· Example: Automated invoice processing, chatbots handling standard customer inquiries, AI-assisted RPA.
· Optimizing the New Product Development (NPD) Process:
· Reduce product development cycle time (TTM) by 20-35% through faster iterations, AI simulations and generative design.
· Reduce prototyping costs by 30-50% with advanced virtual simulations.
· Reduce the cost of errors and design corrections by 15-30% by detecting problems earlier.
· Example: Generative design of lightweight and robust components, virtual aerodynamic testing, AI for DfM/DfA analysis.
· Supply Chain and Production Optimization:
· Reduce inventory costs by 10-20% through more accurate demand forecasting.
· Reduce transportation and logistics costs by 5-15% by optimizing routes and schedules.
· Reduce machine downtime costs by 10-25% with predictive maintenance.
· Improve OEE (Overall Equipment Effectiveness) by 5-15%.
· Increase Productivity of Teams:
· Increase employee productivity by 15-30% with AI tools to support their work (e.g., AI copilots, intelligent information retrieval, reporting automation).
· Save time on administrative tasks and data preparation.
6.1.2 Revenue growth and profitability
· Better and More Innovative Products/Services:
· Launching products better suited to customers' needs, leading to increased sales and market share. Estimated increase in revenue from new products: 10-20%.
· The ability to offer personalized products and services on a mass scale (mass customization).
· Improving Sales and Marketing Effectiveness:
· Increase lead conversions by 10-25% through better scoring and personalization of communications.
· Increase the value of the shopping cart (cross-selling, up-selling) by 5-15% through intelligent recommendation systems.
· Optimize marketing spending and increase campaign ROI.
· Increase Customer Satisfaction and Loyalty:
· Improve customer satisfaction scores (CSAT, NPS) by 10-20 percentage points through better service, personalization and faster resolution of problems.
· Increase customer retention and customer lifetime value (CLV).
· New Business Models and Revenue Sources:
· Ability to create new services based on data and AI (e.g., predictive services, analytics as a service).
· Monetizing in-house AI solutions by offering them to other companies (AI-as-a-Service).
6.1.3 ROI analysis for the Entire Transformation and Key Initiatives
Based on the estimated total cost of the transformation (PLN 8.2 - 19.2 million over 36 months) and the potential benefits, a return on investment analysis can be conducted.
· Estimated Annual Benefits (after full implementation, i.e. from 3-4 years):
· Operational savings: PLN 4 - 8 million per year.
· Revenue growth (additional margin): PLN 5 - 12 million per year.
· Total benefits: PLN 9 - 20 million per year.
· Estimated Return on Investment (ROI) for the entire transformation (over a 5-year horizon):
· Assuming average costs and average benefits, the ROI can be 150% - 300%.
· Estimated Payback Period (Payback Period):
· 24 - 36 months from the start of the transition.
It should be emphasized that these are estimates subject to some uncertainty. It will be crucial to systematically monitor the actual costs and benefits and regularly update the ROI analysis. For individual AI projects, ROI analysis should be conducted on a case-by-case basis, before deciding on implementation.
6.2 Strategic AI Use Cases in Key Business Areas
To visualize the potential of AI, the following are some strategic use cases that can bring significant benefits to your organization. The selection and prioritization of specific use cases should be the result of a detailed analysis of needs and opportunities.
6.2.1 Use Case 1: Intelligent Optimization of the New Product Development (NPD) Process
· Problem: Long development cycles, high prototyping costs, risk of product failure in the market, difficulty in effectively using knowledge from previous projects.
· AI solution:
· AI platform integrated with PLM system, using:
· Generative Design: To create optimized concepts and components.
· Advanced Simulation (CAE/CFD) supported by AI: For virtual testing and validation of projects.
· AI for Market Data and Trend Analysis: For identifying customer needs and new opportunities.
· AI for Project Knowledge Management: Intelligent retrieval and recommendation of solutions from previous projects.
· AI for Cost and Time Prediction of NPD Projects.
· Expected Benefits:
· Shortening the TTM by 25-35%.
· Reduce prototyping costs by 40-50%.
· Improving product quality and innovation.
· Better matching of products to market needs.
· Estimated Cost (implementation and integration): PLN 1.5 - 3 million (under Phase 2 and 3).
· Estimated Annual ROI (after implementation): 50-100% (through savings and increased revenue from new products).
6.2.2 Use Case 2: Personalizing the Customer Experience and Automating Service at Scale
· Problem: Increasing customer expectations for personalization, difficulty in providing consistent and effective service across all channels, high cost of service.
· AI solution:
· Customer Data Platform (CDP) enhanced with AI: For creating a 360-degree customer profile.
· Intelligent Recommendation Systems: For personalizing product offers and marketing content.
· Chatbots and Voicebots based on Generative AI: To automate the handling of customer inquiries, providing natural and efficient communication 24/7.
· AI for Customer Sentiment Analysis: For monitoring feedback and responding quickly to issues.
· AI for Customer Journey Mapping Optimization.
· Expected Benefits:
· Increase conversion and order value by 10-20%.
· Improve customer satisfaction scores (NPS) by 15-25 points.
· Reduce customer service costs by 20-30%.
· Increase customer loyalty and retention.
· Estimated Cost (implementation and integration): PLN 1 - 2 million (under Phase 2).
· Estimated Annual ROI (after implementation): 40-80% (through increased sales and savings).
6.2.3 Use Case 3: Predictive Supply Chain and Operations Management
· Problem: Ineffective demand forecasting, excessive or insufficient inventory, unplanned machine downtime, high logistics costs.
· AI solution:
· ML-based Demand Forecasting Systems: Taking into account historical data, seasonality, market trends, external factors.
· AI for Inventory Optimization: Recommending optimal inventory levels for different products and locations.
· Predictive Maintenance: Using IoT sensor data and ML algorithms to predict machine failures and schedule maintenance.
· AI for Logistics Optimization: Planning optimal transportation routes, scheduling deliveries.
· Digital Twins (Digital Twins) of Manufacturing Processes: For simulating, monitoring and optimizing operations in real time.
· Expected Benefits:
· Improving the accuracy of demand forecasts by 15-25%.
· Reduce inventory costs by 10-20%.
· Reduce unplanned machine downtime by 20-30%.
· Reduce logistics costs by 5-15%.
· Estimated Cost (implementation and integration): 1.2 - 2.5 million PLN (under Phase 2 and 3).
· Estimated Annual ROI (after implementation): 30-60% (through cost savings and efficiency improvements).
The above use cases are only examples. The key is to conduct a workshop with representatives of various departments to identify the most valuable and feasible applications of AI in the context of your Company's specifics.
6.3 Building an AI-First Organizational Culture: from Awareness to Mastery
Technological transformation must go hand in hand with cultural transformation. Building an AI-First culture, in which data and AI are a natural part of thinking and acting at all levels of the organization, is the foundation for long-term success.
6.3.1 Key Elements of AI-First Culture
· Data-Driven Leadership and AI Vision: Leaders actively use data and AI in decision-making, inspire teams, and consistently communicate the strategic importance of AI.
· Democratization of Data and AI: Widespread access to data and AI tools for employees, while ensuring appropriate governance and security frameworks.
· Curiosity and Continuous Learning: Employees are encouraged to explore new AI capabilities, ask questions, and expand their knowledge and skills.
· Culture of Experimentation and Acceptance of Mistakes: Creating a safe space to test new ideas, take calculated risks and learn from failures.
· Cross-Functional Collaboration: Breaking down organizational silos, promoting work in interdisciplinary teams on AI projects.
· Customer and Business Value Orientation: Using AI to better understand customer needs and deliver innovative solutions, as well as to optimize processes and achieve business goals.
· Accountability and AI Ethics: Deep understanding and adherence to the principles of ethical and responsible use of AI, attention to privacy, integrity and transparency.
· Agility and Adaptability: Willingness to respond quickly to technological and market changes, flexibility to adapt strategies and activities.
6.3.2 The Role of Leadership in Shaping Culture
Leaders at all levels play a key role in building an AI-First culture by:
· Being an Example (Leading by Example): Actively using data and AI tools, making decisions based on analysis, showing enthusiasm for new technologies.
· Communicating Vision and Strategy: Regular and consistent communication of AI transformation goals, its benefits and expectations for employees.
· Supporting AI Initiatives: Allocating resources, removing barriers, publicly recognizing the successes and efforts of AI teams.
· Creating an Innovation-Friendly Environment: Encouraging initiative, experimentation, sharing ideas.
· Investing in Competency Development: Providing employees with opportunities to learn and grow in the AI field.
· Building Trust: Transparent communication of AI's impact on the organization and employee roles, allaying fears.
6.3.3 Initiatives to Support Cultural Transformation
· AI Ambassador Programs: Identify and support AI enthusiasts in various departments to promote new technologies and help colleagues.
· Internal Information and Education Campaigns: Regular newsletters, webinars, workshops, and presentations on AI.
· AI Competitions and Hackathons: Stimulate creativity and practical application of AI to solve business problems.
· Communities of Practice: Creating forums for people interested in AI to share knowledge and experiences.
· Reward and Recognition Systems: Recognizing employees and teams for their innovative use of AI and contributions to transformation.
· Dedicated Experimentation Spaces (AI Labs / Innovation Hubs): Places where employees can test new tools and ideas.
Building an AI-First culture is a marathon, not a sprint. It requires consistency, patience and commitment from the entire organization, but it yields lasting benefits in the form of greater innovation, efficiency and adaptability.
6.4 Impact on Competitive Advantage and Market Positioning
A successful AI transformation will allow your company not only to streamline internal operations, but also to build a strong and sustainable competitive advantage and strengthen its position in the market.
6.4.1 Creating Unique Customer Value
· AI-Enriched Products and Services: Offer intelligent, personalized and more functional solutions that better meet customer needs and stand out from the competition.
· Excellent Customer Experience (Customer Experience): Provide seamless, personalized and proactive service at all touch points, building customer loyalty and satisfaction.
· Faster Response to Changing Market Needs: With a better understanding of customer trends and expectations, the company will be able to adapt its offerings and innovate faster.
6.4.2 New Business Models and Revenue Sources
· Monetization of Data and Algorithms: Ability to offer new services based on data analytics or to share proprietary AI solutions with others (e.g., in an AI-as-a-Service model).
· Entering New Markets or Segments: AI can help identify and serve new niche markets or customer groups.
· Business Model Transformation: E.g., moving from selling products to offering comprehensive solutions or services in a subscription model, supported by AI (e.g., "Product-as-a-Service").
6.4.3 Strengthening the Employer Brand (Employer Branding)
· Attracting the Best Talent: Investments in AI and cutting-edge technology make the company an attractive place to work for IT, data science and engineering professionals.
· Employee Development and Retention: Offering interesting challenges, opportunities for growth and working with the latest tools increases the commitment and loyalty of current employees.
· Building the Image of an Innovative Company: Positioning the company as a technological leader and innovator in its industry, which translates into a positive image among potential employees as well as customers and business partners.
Achieving these benefits requires not only implementing the technology, but also thinking strategically about how AI can change the way a company creates value and competes in the marketplace.
6.5 Long-term Vision for an Artificial Intelligence Driven Organization
AI transformation is a journey, not an end in itself. Your Company's long-term vision should be to become a fully AI-driven organization (AI-Native Organization) that not only leverages existing technologies, but also actively shapes the future of AI in its field.
6.5.1 Adaptability and Resilience in a Dynamic Environment
· The AI-Native organization is agile, flexible and able to adapt quickly to changing market, technological and regulatory conditions.
· AI supports real-time decision-making, identification of new opportunities and threats, and proactive risk management.
· A culture of continuous learning and experimentation allows for constant evolution and improvement.
6.5.2 Preparing for Future Waves of AI Innovation
· The world of AI is evolving rapidly. The AI-Native organization is poised to absorb and capitalize on future technological breakthroughs such as:
· Multimodal AI: Combining processing of different types of data (text, image, audio, video).
· Edge AI: AI processing directly on end devices (e.g., factories, products).
· Quantum AI: (in the longer term) Offering exponential increases in computing power for specific problems.
· Artificial General Intelligence (AGI): (in the very distant future) AI systems with cognitive abilities comparable to humans.
· Continuous investment in research and development, monitoring the technological horizon and building the competencies of the future are key.
· Preparing for Industry 5.0, where human collaboration with intelligent machines (cobots) and AI systems will be standard, focusing on values such as sustainability, resilience and a human-centered approach.
Pursuing this vision will allow your Company to not only survive in the AI era, but also to prosper, creating lasting value and positive impact on the environment.

7 Summary and Final Recommendations
This report presents a comprehensive strategy for transforming your Company into an AI-powered organization. The diagnosis of the current state of AI maturity, based on OLIMP and CLIMB_2 analysis, indicates significant growth potential in all key areas: Data (Technology and Infrastructure), People and Competencies, Budget, and Organization and Processes. The identified gaps and challenges, while significant, also provide a map of opportunities that, properly addressed, can bring tangible benefits to the company and build a sustainable competitive advantage.
7.1 Key Conclusions and Key Success Factors
· AI transformation is a strategic necessity: In the face of rapid technological change and increasing competition, the strategic implementation of AI is essential to a company's future success and growth.
· A holistic and multi-phase approach is key: Success requires integrated efforts in all areas (data, people, processes, budget) and executing the transformation in a phased manner, building foundations, scaling successes and striving for excellence.
· Data is the foundation of AI: Investment in data quality, centralization, management and infrastructure is an absolute priority.
· People are driving the transformation: Developing AI competencies, building employee awareness and engagement, and shaping an AI-First culture are as important as the technology.
· AI must be integrated into the business: AI solutions should be closely aligned with a company's strategic goals and deliver measurable business value, especially in key processes such as new product development.
· Strong leadership and appropriate governance are essential: Board commitment, establishment of a clear governance framework, effective change management and proactive risk management are key factors for success.
· AI transformation is a marathon, not a sprint: It requires long-term vision, consistency in action, patience, and a willingness to continuously learn and adapt.
Critical Success Factors (CSF):
1. Unwavering Board Commitment: Active support and leadership from top management.
2. Clear AI Vision and Strategy: Consistent with overall business strategy and communicated throughout the organization.
3. Focus on Business Value: Prioritize AI initiatives that deliver the greatest return on investment and solve real problems.
4. Investing in People and Competencies: Building an "AI Ready Workforce" through comprehensive training and development programs.
5. Solid Data Foundations: Ensuring high quality, availability, and proper data management.
6. Agile and Iterative Approach: Implement AI projects in short cycles, with frequent feedback collection and adaptation.
7. Effective Change Management: Proactively addressing resistance, engaging employees and building a culture open to innovation.
8. Measurable Goals and Systematic Monitoring: Define clear KPIs and regularly track progress.
9. Cross-Functional Collaboration: Breaking Silos and Building Interdisciplinary AI Teams.
10. Responsible and Ethical Approach to AI: Adherence to ethics, attention to privacy and regulatory compliance.
7.2 Call to Action and Next Steps
AI transformation is an ambitious undertaking, but the potential benefits - increased efficiency, innovation, competitiveness and business value - are enormous. The time has come for your Company to take decisive steps toward becoming an AI-powered organization.
Recommended Immediate Actions (First 30-60 days):
1. Establish an AI Steering Committee: With the participation of key decision makers to take responsibility for overseeing the transformation.
2. Formal Approval of AI Transformation Strategy: Based on this report, with possible adjustments.
3. Appointment of AI Transformation Leader (CAIO / AI Lead): The person responsible for coordinating and implementing the strategy.
4. Securing the Budget for Phase 1: According to the estimates provided, to allow activities to begin quickly.
5. Launch of "AI Awareness Bootcamp" Program: For executives and key employees to build a shared vision and understanding.
6. Start of Work on PoC Data Lakehouse: Selection of technology, vendor and project team.
7. Identify and Launch First "Quick Win" Projects: To demonstrate the value of AI and build enthusiasm.
8. Development of a Detailed Internal Communication Plan: Concerning AI Transformation.
Implementing these steps will allow you to dynamically begin the transformation and build a solid foundation for future success. We are confident that with determination, commitment and a strategic approach, your Company can successfully undergo this transformation, becoming a leader in innovation and efficiency in the era of Artificial Intelligence.

