Appendix: text reuse detection details
In this work it was necessary, starting from the dataset built in the way described in Section 4.1, to identify the so-called text reuses, so as to identify the tweets containing parts of the text taken directly from the book The Late Mattia Pascal or paraphrasing it. This operation was used to automatically identify, for later analysis, tweets that presented original content, comments, or free reinterpretations written by the participants. To do this, each tweet was compared with the full text of the novel, following specific text pre-processing operations and using two text reuse algorithms that have shown good performance in the literature.
1 Text Reuse
The detection of text reuse is a prerequisite for a variety of tasks and applications, ranging from journalistic text reuse (Smith et al., 2014), to plagiarism detection (Clough, 2003), to the identification of sources for historical texts (Franzini et al., 2018). Several text-reuse methods have been developed in computational linguistics for the above-mentioned tasks and applications (Bär, Zesch and Gurevych, 2012). Near-duplicate detection is also a research field where the detection of text reuse is crucial, for example in the context of Web search and crawling (Xiao et al., 2011). This is the research area that comes closest to the purpose for which we have applied text reuse detection techniques in our work.
Text reuse is traditionally detected by calculating segmented text document similarity between a source text and any reused text, and then clustering the similar documents, so that a single cluster contains all occurrences of a particular text reuse. Therefore, an accurate enough method to detect similarity and a robust clustering method are needed. Document similarity calculations date back to the 1960s, in the field of Information Retrieval to automatically retrieve documents relevant to a given query (Salton and Lesk, 1968). Later, text similarity measures have been used in different tasks other than just retrieving documents, for example, to approximate string matching (Hall and Dowling, 1980), and as a feature for clustering (Huang, 2008). Clustering together similar documents is the core process upon which text reuse algorithms are based. In different text reuse detection approaches, similarity between texts can be calculated by taking into account the content of the texts themselves, their structure, and style (Bär, Zesch and Gurevych, 2012; Gomaa and Fahmy, 2013).
In this work, we employed specific sequence alignment algorithms that have proven to provide good results in the literature. The so-called global sequence alignment algorithms optimize the complete alignment between two documents, i.e., they are based on document similarity methods, as they tell how similar two documents are globally. The so-called local sequence alignment algorithms attempt to identify similar regions between documents, i.e., the alignment of two documents may yield several different regions that are highly similar between the documents. This means that regions that are clearly different are not considered when determining the similarity of a document pair. The two methods we have considered in this work are “passim” (Smith et al., 2014) and BLAST (Vesanto et al., 2017). 
Passim’s procedure (Smith, 2012) implements algorithms for detecting and aligning similar passages in text. “It can be run either in query mode, to find quoted passages from a reference text, or all-pairs mode, to find all pairs of passages within longer documents with substantial alignments.” The passim algorithm is based on three steps: (i) search of candidate document pairs; (ii) local document alignment; (iii) passage clustering. In the first step, the goal is to reduce the total number of comparisons to perform between documents. The second step is based on local document alignment; the goal is, given a set of document pairs, to obtain a set of aligned passage pairs. The third and last step is aimed at grouping similar passages into clusters. The standard passim algorithm implements a “single-link” clustering with an overlap threshold of 50%.
BLAST (Basic Local Alignment Search Tool) is a pretty old yet efficient algorithm used to compare biomedical sequences, such as DNA and protein sequences (Altschul et al., 1990). The algorithm is designed to be capable of aligning query sequences against massive databases, such as different genomes, while still retaining a relatively small processing time. BLAST has been recently used in the field of text reuse detection, to identify reuses in Finnish newspapers (Vesanto et al., 2017) and Chinese literary texts (Vierthaler and Gelein, 2019). We followed Vesanto et al. (2017) and used the protein version of the NCBI BLAST software, BLASTP (McGinnis and Madden, 2004). The data are encoded into protein-like sequences, which BLAST can read and use to find pairs where parts of genetic material (text, in our case) overlap. These pairs are then clustered based on their offset values, so that overlapping passages will be considered to be part of a same cluster.
2 Technical details
In this work, each tweet represents a textual document that must be compared with the reference text, the novel The Late Mattia Pascal. To use the algorithms detailed in the previous section, the text of the book has been divided into strings. Each sentence of the text represents a different string (and therefore a different textual document). Each tweet is then compared with each sentence of the novel through the use of passim and BLAST.
2.1 Text pre-processing
In order to operate correctly on the available texts, a series of preliminary operations were carried out on the documents. The textual content has been tokenized, normalized, stemmed, and stop-words have been removed. In the tokenization phase, unigrams, bigrams, and trigrams have been considered. For the text representation, both TF and TF-IDF weighted representations have been employed.
2.2 Passim parameters
To identify textual reuse with passim, the documents have been transformed into a json file. The default parameters have been kept, namely: the n-gram order for text-reuse detection equal to 5, the maximum document frequency of n-grams used equal to 100, the minimum number of matching n-grams between two documents equal to 5, and the proportion that two different aligned passages from the same document must overlap to be clustered together, as measured on the longer passage, equal to 0.5.
2.3 BLAST parameters
To identify textual reuse with BLAST, the documents have been transformed into a json file. The default parameters have been kept, with a word size equal to 6, by running BLAST in one go as detailed in Vesanto (2020).
3 Results
The use of passim and BLAST on the dataset produced the following results: out of 14,072 tweets, passim identified only 550 text reuses (4%), BLAST 7,267 (51.6%). Through a manual sample analysis (n= 100), we found that a good number of tweets in which parts of the novel have been used were not identified as textual reuse by neither of the two algorithms. This is probably due to the fact that we are dealing with tweets that are very short texts, for which the algorithms in question should be suitably modified and contains many misspelled words. BLAST performed better with 20% of false negatives in the manually checked sample. The use of such text reuse detection algorithms has allowed us to automatically remove a large number of text reuses from the dataset and focus our manual analysis on a much more limited subset of tweets.
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