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Abstract
Purpose – The study aims to identify the practical borders of AI legal personality and accountability in
human-centric services.
Design/methodology/approach – Using a framework tailored for AI studies, this research analyses
structured interview data collected from auditors based in Poland.
Findings – The study identified new constructs to complement the taxonomy of arguments for AI legal
personality: cognitive strain, consciousness, cyborg paradox, reasoning replicability, relativism, AI misuse,
excessive human effort and substitution.
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Research limitations/implications – The insights presented herein are primarily derived from the
perspectives of Polish auditors. There is a need for further exploration into the viewpoints of other key
stakeholders, such as lawyers, judges and policymakers, across various global contexts.
Practical implications – The findings of this study hold significant potential to guide the formulation of
regulatory frameworks tailored to AI applications in human-centric services. The proposed sui generis AI
personality institution offers a dynamic and adaptable alternative to conventional legal personality models.
Social implications – The outcomes of this research contribute to the ongoing public discourse on AI’s
societal impact. It encourages a balanced assessment of the potential advantages and challenges associated
with granting legal personality to AI systems.
Originality/value – This paper advocates for establishing a sui generis AI personality institution
alongside a joint accountability model. This dual framework addresses the current uncertainties surrounding
human, general AI and super AI characteristics and facilitates the joint accountability of responsible AI
entities and their ultimate beneficiaries.

Keywords Artificial intelligence, Ethics, Audit, Cyborgs, Accountability, AI legal personality,
Human-centric services, Accounting, Sui generis institution

Paper type Research paper

1. Introduction
This study asks whether the arguments raised in the debate on artificial intelligence (AI)
legal personality (also legal personhood) apply to human-centric services.

Given auditors’ core function of applying judgement and solving complex problems
during audits, we adapt Wang (2019) capability-AI perspective of intelligence. We define
intelligence as “the capacity of an information-processing system to adapt to its
environment while operating with insufficient knowledge and resources” (p. 17). In this
paper, we define an “information-processing system” as one that includes tangible and
intangible AI agents capable of autonomous decisions, self-learning and adaptation. AI
literature (Bostrom, 2014; Kaplan and Haenlein, 2019) defines its development in three
stages: artificial narrow intelligence (ANI), artificial general intelligence (AGI) and artificial
super intelligence (ASI). These AI forms, found in bots, robots, cyborgs and systems with
spontaneous intelligence, present challenges for establishing legal status.

Legal personality gives a person legal subjectivity regarding rights and obligations. The
theoretical boundaries of AI legal personality delineate the feasible and desirable extent of AI’s
legal rights and obligations (Doomen, 2023), while on an empirical level, auditor comprehension of
AI personality constitutes instruments of practical boundaries. Accountability and responsibility
extend the concept of legal personality. Accountability and responsibility are generalisations of
the legal personality concept. Accountability is being answerable for the results of one’s actions or
decisions, while responsibility is the obligation to perform the assigned tasks or duties.

Challenges in AI encompass identifying and mitigating the potential societal,
organisational and ethical impacts of AI solutions. AI is based on four key capabilities:
perception, comprehension, acting and learning. These capabilities allow AI systems to
perceive their surroundings, understand human intentions and context, take appropriate
actions and learn from experience (Bawack et al., 2021).

Human-centric services necessitate human decision-makers (Tiron-Tudor and Deliu, 2021), a
path entailing complex judgements, ethical considerations and uncertainties, often without clear,
programmable decision paths. However, as AI develops its capacity for perception, comprehension,
acting and learning, it will increasingly be able to take over human-centric services.

This study focuses on auditors, a subgroup of accountants who objectively assess the
reliability and fairness of information addressed to stakeholders and society. It studied
auditors instead of lawyers because lawyers’ education and practice may introduce
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confirmation bias. Auditors examine different business models in a rapidly changing
economic environment so they may account for a broader range of perspectives.

Accounting researchers analyse the consequences of new technologies (Tiron-Tudor and
Deliu, 2021; De Villiers et al., 2023), AI (Noor et al., 2021) impact on human decisions
(Arnaboldi et al., 2017; Liu, 2022), complexity, uncertainty and ambiguity (Bakarich and
O’Brien, 2021), organisations’ culture (Arnaboldi et al., 2017; Janssen et al., 2020; van der
Voort et al., 2019), the responsibility gap (Agostino et al., 2022a, 2022b; Lehner et al., 2022;
Lombardi et al., 2021) and automation bias (Bahner et al., 2008; Goddard et al., 2012).
However, research at the intersection of law and auditing is rare, especially empirical
research (Garanina et al., 2022; Jans et al., 2022; Tyson andAdams, 2019).

The theoretical debate on AI legal personality remains inconclusive (Butterworth, 2018; �Cerka
et al., 2017; Chen and Burgess, 2019; Chesterman, 2020; Karnouskos, 2022), However, accounting
research can offer valuable insights by incorporating the perspectives of practitioners.
Understanding their views and experiences is crucial for grasping the practical implications of AI
legal personality. This approach can illuminate areas needing further theoretical exploration,
thereby circumventing the pitfalls of obsolete regulatory frameworks (Di Tullio et al., 2023) and
positioning accounting research as an “interdisciplinary contributor” (Tucker andAlewine, 2023).

This paper aims to identify the practical borders of AI legal personality, contributing to the
ongoing debate on AI legal personality and accountability gap (Bracci, 2022; Conradie et al., 2022;
Liu and Zawieska, 2020; Vesa andTienari, 2022) and its relevance for the accounting domain.

To answer the research question, this study applies a framework for AI studies
developed by Bawack et al. (2021) on structured interview data of Poland-based auditors.
The study compares theoretical arguments for and against AI legal personality with
practitioner arguments to identify potential new boundaries.

Polish accounting and auditing research is increasingly shaping the global debate (Białek-
Jaworska and Kopa�nska, 2023; Dobija et al., 2019; Fusco et al., 2022; Krasodomska et al., 2020;
Łada et al., 2022; Maruszewska et al., 2023; Matuszak and R�o_za�nska, 2021). This research centred
on Poland, allowing a deeper exploration of the cultural context (Staszkiewicz and Morawska,
2019) influencing interview responses. This controlled environment facilitates the identification of
formal and informal respondent codes within a shared educational background and language.
Such nuances can be more challenging to isolate and interpret in cross-cultural and cross-
language settings due to potential variations in educational systems and linguistic expressions.
Although single-country studies raise generalisability concerns, our focus on auditors’ behaviour,
consistent across borders (Nicholson-Crotty and Meier, 2002), mitigates this. Additionally,
Poland’s International Standards onAuditing adoptionmakes it a perfect laboratory for studying
typical auditor behaviour as being the global average (Simunic et al., 2017).

This paper contributes to the discussion on legal personality and accountability for AI in
four aspects.

Firstly, moving beyond anecdotal evidence, this study establishes an empirical
foundation for examining human perceptions of AI personality, thereby expanding upon the
theoretical framework proposed by Chen and Burgess (2019). It advances already presented
perspectives on space (Soroka et al., 2022), medicine (Laptev et al., 2022, crowd working
(Nowik, 2021), social media (Jabri, 2020; Krönke, 2020; Moln�ar-G�abor, 2020), investments
and financial markets (Kunitskaya, 2022; Schemmel, 2020) and enforcement (Buchholtz,
2020; Rademacher, 2020) with the perspective of the auditors.

Secondly, leveraging existing literature (e.g. Andrade et al., 2007; Bertolini and Riccaboni,
2021; Massaro and Norton, 2016; Millar, 2014; Soroka et al., 2022), this study proposes new
constructs to augment Karnouskos’s (2022) taxonomy. The study presents an extended
taxonomy of arguments professionals use for AI implementation in audit risk assessment.
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The study identifies incremental challenges and capabilities for AI personality: cognitive
strain, consciousness, cyborg paradox, reasoning replicability, relativism, AI misuse,
excessive human effort and substitution. Subsequently, the study reconciles incremental
constructs to the prior discussion (Bryson et al., 2017; Butterworth, 2018; �Cerka et al., 2017;
Chen and Burgess, 2019; Nowik, 2021; Simnart, 2021; Solaiman, 2017), narrowing the
discussion inconclusiveness.

Thirdly, this study suggests a sui generis AI personality institution as an alternative to
the contentious concept of legal personality (Bryson et al., 2017; �Cerka et al., 2017;
Karnouskos, 2022; Nyholm, 2018; Solaiman, 2017; Soroka et al., 2022), defining its
boundaries with nuanced arguments. The study identifies the boundaries of the institution
with incremental arguments. It introduces the joint responsibility of AI and the ultimate
beneficiary and bridges the gap in the uncertainty of the human, AGI and ASI
characteristics. It argues that the AGI non-existence argument (Nowik, 2021) fails the
cyborg paradox test. Thus, this study argues that the legal framework’s boundaries slow the
development of professional services.

Fourthly, this research generalises the sui generis boundaries of AI personality to the
joint accountability of humans and AI, emphasising the shared responsibility of the ultimate
human beneficiary and the AI system. AI accountability refers to the obligation to
implement human-understandable AI decision-reasoning capabilities, where the decision is
in the AI’s direction. This proposal reclaims the original meaning of joint accountability, as
offered by Rizzo et al. (1970), showing how the discussion has evolved from organisational
convergence through the deficiency of intellectual capital in financial reporting to the
boundaries of responsibility and accountability in big data and AI (DiMaggio and Powell,
1983; Dumay et al., 2016; Lugli and Bertacchini, 2023; Secundo et al., 2017). Furthermore, it
provides complementary empirical evidence to prior research (Agostino et al., 2022b; Bracci,
2022; Karunakaran et al., 2022) that AI extends the boundaries of accountability, blurring
the lines of accountability between humans andmachines.

The paper proceeds by reviewing relevant literature, outlining theoretical frameworks, detailing
themethodology, presentingfindings and discussing the results and their broader implications.

2. Literature review
In this section, we review the literature on the impact of new technology on auditor practice,
focusing on accountability and responsibility constructs. The broader concept of
accountability, encompassing legal personality, raises the question: can AI be granted legal
personality? We examine arguments for and against this attribution (including rights,
obligations and enforceability) and conclude by compiling arguments to support empirical
mapping.

2.1 Responsibility and accountability of artificial intelligence
Although the discussion on the growing importance of intellectual capital and new
technologies in corporate disclosure and reporting flourishes (DiMaggio and Powell, 1983;
Dumay et al., 2016; Lugli and Bertacchini, 2023; Secundo et al., 2017), audit practice remains
relatively unexplored and challenging.

New technologies, including blockchain (Secinaro et al., 2021), big data (Ahn and
Wickramasinghe, 2021; Al-Htaybat and von Alberti-Alhtaybat, 2017; Arnaboldi et al., 2017),
robotic process automation (Alderman, 2019; Arnaboldi et al., 2017) and human–machine
teams (Damacharla et al., 2018; Rajnai and Kocsis, 2017), are changing the auditing and
accounting profession. These technologies affect high-volume routine data processes (Tiron-
Tudor and Deliu, 2021) and human decisions (Arnaboldi et al., 2017; Liu, 2022).
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New technologies lead to algocracy bias where an algorithm-based system constrains
human participation (Danaher, 2016; Wieringa, 2020) and generates the responsibility and
accountability gap (Agostino et al., 2022a; Lehner et al., 2022; Lombardi et al., 2021).

In essence, audit responsibility is about doing the audit work with due care and
professionalism, while audit accountability is about owning the results of that work and
being answerable for its quality and integrity. In particular, the accountability of an audit
firm addresses how an organisation sets up and monitors policies and practices to satisfy
stakeholders’ demand (Karunakaran et al., 2022).

The fundamental concept of accountability revolves around identifying the responsible
actors (who), the recipients of accountability (to whom), the timing of accountability (when)
and the methods of accountability (how), invariably positioning humans as the central
subjects. However, AI systems’ increasing autonomy and decision-making capabilities
challenge this traditional framework as AI transitions from an object to a subject position,
thereby blurring the lines of accountability between humans and machines. (Agostino et al.,
2022b; Bracci, 2022).

Stakeholders’ accountability concerns amplify as AI adoption in audits increases,
emphasising distributed responsibility. The issue of distributed responsibility, also referred to as
the “problem of many hands”, arises from the inherent lack of legal subjectivity attributed to AI.
Consequently, the burden of accountability for actions or decisions made by AI falls solely upon
human actors. The accountability for AI may be assigned to the creator, operator or ultimate
beneficiary of the AI. Various scholars support that humans should be held accountable for the
outcomes of AI-driven actions (Bracci, 2022; Vesa and Tienari, 2022), but it is challenging for
ASI. This, in turn, calls for the changes of AI into explainable – xAI (Barredo Arrieta et al., 2020),
rethinking the concept of joint accountability introduced by Rizzo et al. (1970), and it underscores
the need for innovative enforcement and research frameworks (Busco et al., 2017; Loi and
Spielkamp, 2021; de Villiers et al., 2023). Before we outline our conceptual framework, we shall
examine the arguments for and against granting legal personhood to AI. By mapping these
arguments onto the capabilities and challenges of AI systems (to be discussed later), we can
establish the key labels that will guide our empirical research. This analysis is crucial for
understanding the complexities of accountability in AI-driven systems.

2.2 Rights and obligations
Proponents of AI personality argue that AI can make autonomous decisions and impact
humans independently and should, therefore, be granted a legal personality attribute like
corporates have or other non-human legal persons: ships, idols, rivers or entire ecosystems
(Simnart, 2021). Opponents maintain that non-human legal persons require human
representation (human agency) and are unconscious and that AI expressing itself is
effectively human action. Corporates, idols, rivers, etc. are aggregated wills of humans
connected to the entity with a set of human transactions.

AI’s legal personality would imply a non-human ability to claim rights and obligations
designed and assigned to humans, causing institutionalised conflicts between humans and
the tools they originate. Opponents (e.g. Solaiman, 2017) argue that such a privilege would
relax the ultimate legal beneficiary of AI from liability for their products and decisions.
However, such an approach forces AI into a subordinate (slave) position to humans
(Karnouskos, 2022), which would be unsustainable in the case of AGI andASI.

�Cerka et al. (2017) observe that AI makes independent decisions. Thus, it is challenging to
determine the causal link between a wrong AI decision and the actions of the ultimate legal
beneficiary. Therefore, making the ultimate legal beneficiary of AI liable for the results of
independent AI decisions could be impractical. �Cerka et al. further argue that an excessive
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burden of legal liability could lead to programmers’ unwillingness to reveal their identities
publicly, moving programming work underground. Soroka et al. (2022) support �Cerka et al.
and add that forthcoming AI will likely detach itself from the creator and operator because
of its already incumbent ability to modify its AI code. Thus, the legal link between the
creator, owner andAI will likely break.

Chen and Burgess (2019) support AI personality, observing that AI has not been created
and made deliberately, not property (a tool). Solaiman (2017) contends that AI does not
possess attributes of legal personality such as intentionality, desires and interests and,
therefore, lacks the prerequisites for attributing criminal liability. Nowik (2021) adds
arguments against AI personality: moral hazard, asset acquisition and AI decision-making.
Moral hazards can appear in the development and use of AI, creating the space for abuse.
Granting AI legal personality would imply the ability to acquire and own assets. AI
decision-making is complex, challenging to explain and based on rational concepts, while
human decision-making encompasses “practical cognition”.

Chen and Burgess (2019) argue that even if Bryson et al. (2017) and Solaiman (2017) deny
AI personality on the ground, they fail to explain why AI should not take such rights and
responsibilities. However, Solaiman (2017) provides some reasons for this. Non-human legal
persons require humans as agents to claim their rights or obligations. AI per se is not human
and thus (without human agency) cannot inherit the same rights as humans. A person
subject to legal personality must be capable of being a subject of law, meaning they can
exercise rights, perform duties and be aware of their choices:

Chimpanzees had all of these attributes which are argued to be present in robots; nonetheless, the
repeated appeals for the animals’ personality have failed mainly due to their inability to perform
duties (Solaiman, 2017).

Nowik (2021) contradicts the autonomous aspects of AI, stating that AI is autonomous to a
certain extent and has deprecated self-awareness. Thus, the efficiency of programming
limits AI’s perception of rights and obligations. Chen and Burgess (2019) conclude that legal
personality cannot be extrapolated or analogised from existing categories of legal
personality to AI and requires a new legal person separate construct. Bryson et al. (2017) add
that there is no moral obligation to recognise the legal personality of AI. Nowik (2021)
enhances Solaiman’s claims that AI personality is a legal concept that does not exist within
any country and raises problems of interpretation, which, in turn, steers the discussion
towards the execution of liabilities.

2.3 Enforcements
Bryson et al. (2017) shift the focus to enforcement, highlighting the ambiguity surrounding
the enforcement of legal obligations should AI be granted rights vis-�a-vis human entities.
Chen and Burgess (2019) contend that termination is the practical way to hold AI
accountable, albeit limited to instances where AI is defined as a physical entity, such as
robots. The feasibility of terminating AI, particularly those developed for space applications
(Soroka et al., 2022) or existing within the internet, is questionable due to its intangible
nature. Such AI lacks a physical location affiliation with a specific legal system and is likely
unresponsive to conventional enforcement measures like imprisonment, fines or rights
revocation. As Chen and Burgess (2019) summarise, “there would be no way to impose
meaningfully impactful financially based sanctions or restrictions”.

Given the mismatch between legal expectations and AI’s attributes, granting AI legal
personality may prove ineffective. Human law systems are designed to protect human
rights, positioning AI in its tool form and subordinate to humans. If AI develops into AGI or
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ASI, it may acquire characteristics that allow effective enforcement of duties, but this is
unknown. Equalising the legal positions of humans and AI without reconciling their values
would lead to continuous disputes.

Granting AI human-like legal personality is unlikely, but there are potential solutions.
The most extreme solution is to ban large-scale AI (AGI and ASI), which is impractical due to
military use. Nyholm (2018) suggests maintaining a “collaborative agency” where humans
are vital partners. Asaro (2007) proposes creating “quasi-agents” for AI with diminished
responsibilities. No solution has been implemented. How to settle this dispute is unknown.
These uncertainties are time-constrained, and humankind must answer them when AGI
appears. Table 1 summarises the literature arguments using acronyms for argument labels
and categorising them according to AI’s allocation to capabilities and challenges.

The discussion on AI legal personality is primarily theoretical (Butterworth, 2018; �Cerka
et al., 2017; Chen and Burgess, 2019; Chesterman, 2020; Karnouskos, 2022), with few
empirical examples like Wolf et al. (2017) or �Cerka et al. (2017). Therefore, this study
expands the empirical foundation of the discussion by exploring the perspectives of
professions beyond lawyers on AI and legal personhood. Our methodological approach is
detailed in the following sections.

3. Conceptual framework
This qualitative research analyses a complex issue with no established theoretical view (De
Villiers et al., 2019). This study applies Bawack et al.’s (2021) framework for AI studies to
map the arguments in Table 1 to challenges against auditor accounts gathered from
interviews for the project on translating AI into auditors’ risk assessments.

Distinct from prior studies (Andrade et al., 2007; Bryson et al., 2017; �Cerka et al., 2017;
Davies, 2011; Solaiman, 2017), this study embeds Bawack et al.’s framework within the
economic analysis of law (Kornhauser, 2022) and critical analysis (de Villiers et al., 2023).
The economic analysis of law applies microeconomic theory to the study of law. It involves
two sides: predicting behaviour in response to legal rules, assuming the rationality of the
decision-maker, and evaluating outcomes concerning social welfare. We examine the
process between lawmakers’ policies on AI legal personality and free-profession
representatives’ responses.

The premise of this study is that lawmakers make a binary decision to grant AI legal
personality and supply line decision-makers (auditors) with a portfolio of arguments
considered at the law level. Auditors then determine the applicability of AI in assessing
audit risks, shaping their stance based on this determination and conveying their insights
back to lawmakers.

The focal point of this research is the decision-making process. The rationale behind
auditors’ adoption or rejection of AI may draw from the entire array or a subset of the
arguments provided by lawmakers or may rely on premises not previously identified in
legal discourses. If the latter, the practical response could either contribute to or prompt
further discussion among lawmakers (see Figure 1 Panel C).

Bawack et al. (2021) proposed a five-element framework:
(1) AI enablers (big data, computing power and algorithms);
(2) AI capabilities (perceive, comprehend and act and learn);
(3) AI perspective (field of study, concept, ability and system);
(4) AI challenges (societal, organisational and ethical); and
(5) Problem space (application domain).
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Label Cap. Chall.
Context example of label contextual
meaning References

Legal subjectivity C S Ability to possess rights and
obligations in society

(Andrade et al., 2007)

Natural slaves L S Machines are considered as proxies for
humans

(Massaro and Norton,
2016; Millar, 2014)

Human biased
system

L E The existing law system applies to
humans and protects their rights

(Karnouskos, 2022)

Rights for AI P E Humans have an economic incentive to
deny robots rights, and humans pose a
danger to robots

(Karnouskos, 2022)

AI Justice P S AI justice rules for robots pose a risk
to social development and stability

(Soroka et al., 2022)

Product or objects L O The European Union legal framework
considers AI-based applications as
objects or products

(Bertolini, 2020; Bertolini
and Riccaboni, 2021;
Soroka et al., 2022)

Casual relation C O When AI makes autonomous
decisions, traditional rules will fail to
create legal liability for the damage
caused since autonomous AI causes it.
The proof of a causal relationship
between defect and damage in the case
of AI may be challenging. In the
current legal systems, liability applies
only to circumstances where the
reason for the actions or being idle of
AI can be associated with a specific
ultimate legal beneficiary. The
creation of AI requires many people to
take part, and it is unfeasible to prove
the guilt of a particular person for
causing damage (“the problem of
many hands”)

(Kingston, 2018; Soroka
et al., 2022, p. 128)

Complex liability C O � A user updates the software of a
robot with code he downloaded by
potentially unknown authors from
the internet (e.g. open-source), if
the robot proactively searches for
extensions of its functionality over
the Internet or even uses “transfer
learning”, where it learns from the
experiences of other robots or via
cooperative learning, where these
AGI robots learn continuously, as
a community, from each other

(Buiten et al., 2023; De
Chiara et al., 2021;
Karnouskos, 2022; Soroka
et al., 2022, p. 128)

Humans
unaccountability

L O Some commentators have proposed
that robots be granted legal
personality, aiming to exonerate these
artefacts’ respective creators and users
from liability (“releasing authors from
its product liability”)

(Solaiman, 2017)

(continued )

Table 1.
AI discussion

arguments synthesis
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Label Cap. Chall.
Context example of label contextual
meaning References

Excessive liability L O “An excessive burden of legal liability
could lead to the programmer’s fear
and unwillingness to reveal their
identity in public, or it could otherwise
impede the progress of technology
development in the official markets,
moving all the programming work to
unofficial markets. Even if we assume
that this is not possible, it is obvious
that applying a product liability model
in the case of AI is more difficult than
a regular product”

(�Cerka et al., 2017)

Human AI rights
conflicts

P E AI may attempt to prevent people
from engaging in careless behaviour,
e.g. preventing an alcoholic from
drinking. This may clash with the
fundamental right of human liberty

(Palmerini et al., 2014)

Privacy abuse P E AI acts as a monitoring device
exploiting private aspects of humans
or enforcing compliance (law
enforcement personnel) in totalitarian
regimes

(Karnouskos, 2022)

Automated
journalism

L S Media use AI to collect news sources,
select articles, analyse them and
automatically generate news

(Jung et al., 2017)

DeepFakes L S AI can potentially misrepresent reality
(e.g. via realistic fake videos)

(Karnouskos, 2020; de
Ruiter, 2021)

Robot emotions
driver

P E AI emotionally manipulates humans
to help itself to pursue its agenda

(Danaher, 2020)

Human job losses L O AI could substitute humans in the
workforce, translating into job losses
and a point of social friction

(Frey and Osborne, 2017;
Haddadin, 2014; Nevejans,
2017)

AI taxation L O Taxing AI on capital expenditure or
the equivalent of the human work
value. Tax may be an effective
measure to balance job loss and
benefit the impacted ones

(Abbott and
Bogenschneider, 2018;
Kovacev, 2020)

Knowledge created
from AI

C O Currently intellectual property rights
do not recognise AI as an author

(Kop, 2019)

Gender issues C S What is the AI gender? Humans show
marginally greater acceptance toward
female-gendered health-care AI

(Sutko, 2020; Tay et al.,
2014)

Intimate roles L E AI as a sexual partner affects other
areas, such as sex-stemming violence
against women, human trafficking,
health, finances, crime, etc.

(Szczuka et al., 2019;
Yeoman and Mars, 2012)

Ethics C E Autonomous systems are entrusted to
make life-and-death decisions

(Riesen, 2022; Sparrow,
2007)

(continued )Table 1.
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Label Cap. Chall.
Context example of label contextual
meaning References

Life dilemma C E Self-driving cars in unavoidable
accidents will have to make life-and-
death decisions (e.g. an AI car is about
to be involved in a fatal accident with
human casualties involving the car’s
passengers and pedestrians)

(Jenkins et al., 2022)

Discrimination
against machines

C E People judge humans and robots
differently

(Karnouskos, 2022)

Ethical framework C E As ethics come in different varieties,
e.g. utilitarianism, deontology,
relativism, absolutism, pluralism,
feminist ethics, etc., there is no
consensus on what guidelines AI
should follow

(Karnouskos, 2022)

Demise of
civilisation

L E AI is maintaining and expanding the
survivability of the human race. AI
can, at some point, tackle very
complex problems, such as climate
change, understanding the universe,
etc., that humans cannot do

(Karnouskos, 2022)

Robot-to-robot
interaction

C E To what degree do societal conditions
impact the behaviour of robots and
vice versa in a society where humans
and robots are symbiotic?

(Karnouskos, 2022)

– AI collectively learns from each other’s
experiences – this is not available to
humans

Disputes between
robots
Global rules L O How can a legal framework, without a

worldwide regulator, be established if
AI technologies are geographically
unlimited?

(Soroka et al., 2022)

Existence threat L E Research priorities for robust and
beneficial AI discloses the risk of
human extinction due to AI

(�Cerka et al., 2017)

Time P O The time horizon for AGI is unknown.
The current technology is not
developed enough to construct a
machine programmed in a non-
algorithmic way capable of reasoning
without a given pattern

(Nowik, 2021)

Notes: Cap: AI capabilities: perceive (P), comprehend (C), act and learn (L). Chall.: AI challenges to social
(S), ethics (E) and organisational and economics (O). Own mapping in line with Bawack et al. (2021). See
Section 3 for concept details
Source: Own compilation Table 1.
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This study modifies the Bawack et al. (2021) perspective (as depicted in Table 1 Panel A) to
consider the intersection between humans andAI for capabilities and challenges.

This study further refines AI enablers by focusing on algorithms capable of making
independent decisions, aligns the AI perspective specifically with auditors and narrows
the problem space to the interaction between law and economics (Table 1 Panel B). This
identifies the area of practical interest not specified in the conceptual research. Figure 1
presents the framework elements (Panel A), study focus (Panel B) and conceptual link
originated for the economic analysis of law. Bawack et al. (2021) conceptual frameworks
lack dynamic elements. We propose a feedback mechanism between auditors (economy)
and the judicial system (law) to address this. This mechanism situates the auditor risk
assessment process within a dynamic context. Our research question investigates
whether this practice-driven context generates new forms of argumentation. On the
judicial system side, the question of whether to assign a legal personality to AI is under
consideration; on the audit (economics) side, the question of whether to apply AI to audit
risk assessment is under consideration. This brings together the debate argumentation
mapped through challenges and capabilities (Panels A and B intersection) on AI’s legal
personality and the economic discussion around the application of AI in audit risk
assessment (Panel C).

Bawack et al. (2021) is a specific instance of the general framework for critical analysis
presented by Alvesson and Deetz (2000) and extended by de Villiers et al. (2023). This
framework provides a comprehensive approach to understanding complex issues. The three
stages of the framework – insight, critique and transformative redefinition – enable
researchers to critically analyse the current state of affairs and develop transformative
solutions for the future.

De Villiers et al. (2023) build on the work of Busco et al. (2017), Carungu et al. (2021) and
Farooq and de Villiers (2019) to examine the implications of AI in a two-dimensional
perspective: human-AI input versus efficiency-judgement. This study applies this

Figure 1.
Panel A: Framework
for AI research, Panel
B: Study focus, Panel
C: Conceptual link*
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framework to the audit perspective, enhancing AI input in risk assessment to identify the
accountability limitations of the efficiency-judgement caused by legal uncertainty.

We identify insights by juxtaposing theoretical and practical argumentation, and we
critique legal personality and human accountability institutions to call for sui generis AI
legal personality and joint accountability. For simplicity of presentation, we follow the
notation of Bawack et al. (2021). The details of the research design are presented in the next
section.

4. Research design
4.1 Interviewee data
This study uses data from a larger project on friction perception of the application of AI to
auditors’ risk assessment processes. Data was gathered from 41 professionals, auditors,
supervisors and academics through structured interviews (SI). The instrument was
developed based on the pilot, prior research, professional literature and discussions with
practitioners. The SI focused on applying AI to the audit risk assessment process and the
question of AI’s legal personality recognition. The study used snowball sampling to reach a
subpopulation of respondents with AI audit experience.

More specifically, a two-stage sampling strategy was used. Initially, random selection
was chosen, but self-selection bias emerged due to auditors’ lack of experience with AI
audits. Therefore, a snowball strategy was implemented, starting with an initial sample in
which respondents recommended auditors with relevant experience. A combination of
random and purposive sampling reduced self-selection bias. We tested consistency between
samples using an ANOVA test on argument portfolios and found no significant differences
(details omitted for brevity). The snowballing ended when the responses became saturated
(marginal increase in the argument base and auditors’ role). The data was collected between
August 2021 andAugust 2022 and reached sample saturation (Russano et al., 2014).

The SI was designed to avoid direct questioning of the study subject to prevent
contamination of responses due to confirmation bias. This allowed for the dynamic cross-
testing of unconscious and conscious argumentation. Appendix 1 presents the final SI
extract. Interviews were conducted individually in Polish. To ensure comprehensive data
collection, we used guided SI. These interviews were both video and voice recorded, then
transcribed. Respondents were informed about the study’s purpose and structure before the
interview. This approach enhanced response validity by allowing for clarification of
ambiguities during the interview.

Additionally, the authors independently assessed responses to address potential
interpretation issues. Respondents were also asked to elucidate their reasoning. Due to the
COVID-19 restrictions, we held interviews on MS Teams. The source data in the original
language is deposited at Harvard Dataverse. Appendix 2 shows the respondent’s essential
characteristics.

4.2 Mapping method
The analytical process involved mapping the free-text responses from the SIs (see Appendix 1)
onto the existing theoretical framework, using the acronyms delineated in Table 1. This
involved tallying and aggregating instances where interviewees endorsed arguments aligned
with AI capabilities [perceive (P), comprehend (C) and act and learn (L)] and confronting AI
challenges [social (S), ethical (E) and organisational (O)]. Arguments posited by auditors that
did not correspond with the predefined categories in Table 1 were classified under “Others”.
Table 2 presents the initial allocation of the question to capabilities and challenges.
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The initial allocation of the question was preliminary. The study used direct (Q14–15)
references to the perception of the AI legal personality and indirect questions. Responders
first answered the indirect risk assessment question and provided reasoning for including or
excluding the AI risk in the audit risk assessment process. Subsequently, respondents
discussed direct questions about the AI’s legal personality, while the interview concluded
with an open question.

We mapped arguments from the general meaning of consistent blocks of responses
(typically paragraphs or sentences). The allocation of arguments in Table 1 takes the form of
the closest meaning to the keywords. This flexible approach allows for respondents’
inconsistencies with argument labelling. It also enables us to capture unconscious and
consciousmotives for AI legal personality allowance.

We cross-tested the argumentation for consistency in time and merit to limit
confirmation bias and support the study’s generalisability. One author conducted the
mapping procedure to safeguard consistency, and others checked for miscoding until a
mutual agreement was reached.

5. Results
5.1 Overall results
Responders’ professional experience ranges from 4 to 30 years, averaging 18. Men account
for 58% of respondents.

Arguments were mentioned 107 times by respondents, with 85% aligning with
previously identified arguments in Table 1 and 15% classified as “Others”. Thus, this study
identifies additional arguments compared to those used in Table 1 in the auditors’
justification for applying AI in risk assessment.

Table 3 presents the average number of referred arguments at different levels of
capabilities and challenges among the sample.

The mix of challenges and capabilities of known arguments does not indicate any
preference for a particular combination of factors when auditors formulate their judgement
on AI legal.

5.2 Incremental challenges and capabilities
A total of 16 arguments presented by respondents did not readily confirm the classification
in Table 1. These were subsequently organised into eight categories reflecting distinct
challenges and capabilities dimensions (Table 4).

Table 2.
Identified
incremental
arguments in
professional accounts

Question no. Challenges Capabilities

Q4, Q7 S, E, O P, C
Q9 O C, L
Q10–Q11 O P, C
Q12 a–c S, O P, C, L
Q13 O L
Q14–16 S, E, O P, C, L

Notes: AI capabilities: perceive (P), comprehend (C), act and learn (L). AI challenges: social (S), ethics (E)
and organisational (O)
Source: Own compilation
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5.3 Social challenges
5.3.1 S1 cognitive strain. Respondents articulate the cognitive strain when reconciling AI
and human logic in human-centric risk assessment. R04:

So that he [the auditor] can explain to the client the procedures he uses, that is, the procedures of
this artificial intelligence he used in the study. He understood them and knew how to explain by
selling, so to speak, your service and these tools. Because as I realised, anyway, just like artificial
intelligence in general, it shortens time, improves work, so the most important thing is
understanding how this works.

Respondents claim the risk of deprivation of human control and abilities R04:

Everything still – and fortunately – because providing an algorithm in such systems is human
work, their verification, their understanding, so the whole happiness in this area the role of man is
not diminished, and may it remain so.

Meanwhile they underline the complexity and multidimensionality of the risk assessment
process “Auditing, above all, has always been a very complex process”. They combine it with
the uncertainty of the AI’s physical form. The responders express unease in terms of the

Table 3.
Average count

(standard deviation)
known argument
from Table 1 in

auditors’ accounts

Capabilities
Perceive Comprehend Act and learn

P C L

Challenges Societal S 0.500 0.250 5.500
(0.70) (0.50) (8.98)
n¼ 2 n¼ 4 n¼ 6

Ethical E 0.125 0.625 0.750
(0.35) (1.06) (1.03)
n¼ 8 n¼ 8 n¼ 8

Organisational O 1.500 1.667 0.917
(0.70) (2.34) (1.24)
n¼ 2 n¼ 6 n¼ 12

Notes: AI capabilities: perceive (P), comprehend (C), act and learn (L). AI challenges: social (S), ethics (E)
and organisational (O)
Source: Own compilation

Table 4.
Identified

incremental
arguments in

professional accounts

No. Argument acronym Challenges Capabilities Ref

1 Cognitive strain S C S1
2 Consciousness S C S2
3 Cyborg paradox E P E1
4 Reasoning replicability E C E2
5 Relativism E C E3
6 AI misuse O L O1
7 Excessive human effort O L O2
8 Substitution O C O3

Notes: AI capabilities: perceive (P), comprehend (C), act and learn (L). AI challenges: social (S), ethics (E),
and organisational (O)
Source: Own compilation
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physical existence of AI, as if the algorithm has physical aspects (e.g. autonomous car,
robots), as a nebula of objects, such as a swarm of bees, as a self-replicating algorithm
similar to a computer virus or as a coupled entity with no precise physical location, such as a
cloud computing facility. Respondents also point out the conceptual differences between
human and AI mortality. While humans are mortal, AI may not be subject to the same
biological-temporal constraints.

Respondents’ cognitive strain is exacerbated by the lack of reconciliation between human
and AI logic, human impairments, the tangibility of AI in place and time and the complexity
of AI.

5.3.2 S2 consciousness. Consciousness is a concern for both humans and AI. Auditors,
especially senior auditors, may suffer from technological exclusion, which can manifest as a
generation skills gap. R26: “The reason is really that auditors, especially senior auditors, do
not use modern IT tools fluently”.

Another aspect of consciousness is related to the maturity of AI. Respondents argue that
AI must learn to get the pattern from humans to communicate with humans and explain its
reasoning to humans. R23:

It is known that there must be a man there. In fact, intelligence is learning all the time. Someone
has to control it. They must control how these data algorithms learn because they are constantly
learning. They feed on this data.

Thus, the consciousness of AI is time-conditioned.

5.4 Ethical challenges
5.4.1 E1 cyborg paradox. Respondents question the border between humans and AI in
terms of legal personality. They ask what the switch point is regarding cyborg legal
personality if a human enjoys legal personality while the machine does not.

They argue that enhancing human capabilities by introducing implants, augmented
reality, exoskeletons, artificial body parts and biofeedback causes the gradual loss of legal
personality. To what extent does a human with implanted AI have a legal personality?
Through the lens of the existing legal framework, a human transforming into a cyborg loses
its legal personality and becomes a machine dependent on humans. What is unknown is the
point of the switch.

Respondents tend to bypass the problem by creating ad hoc local definitions of AI. Thus,
reserving its accounts is subject to locally generated definitions. R23:

There are a lot of different risks associated with it [AI]: legal, operational. And I think that is
probably why that is really. Maybe not quite as if it is just understandable.

5.4.2 E2 reasoning replicability. Unlike humans, AI cannot explain its reasoning,
contributing to cognitive strain. Additionally, the replicability of AI reasoning within the
ethical challenge questions the foundations of the ethical and logical system developed by
humans for humans, which is different from the system designed by algorithms for
algorithms. Respondents refer to data processing and replication paths for humans while
assessing AI learning. R6:

So the more complex this model would be - complex from the data side and the estimation method
using, for example, a deep neural network, the more difficult it would be for me to replicate it to
check it.

Humans are trapped by truthiness and unable to reconcile human and AI truth. R6 “We will
have to agree on what we understand, what is the truth here. So to what extent do we already
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recognise something true is ok” [. . .] “But the discussion about what is true will come to us
because this is already the truth generated by artificial intelligence.” [. . .] “we do not have this
certainty; it is not such a ‘yes’ expressed based on a chain of evidence, completely deterministic,
over which we would control”. The lack of reconciliation between human and AI logical
systems makes it difficult for humans to justify the fairness of results. R04: “So that it does
not turn out that the obtained results may be distorted, harmful”. These contribute to the lack
of a clear path for understanding AI reasoning from a human perspective, which is central to
the debate on reasoning replicability.

5.4.3 E3 relativism. Relativism is the extension of reasoning replicability to different
logical paths. Human interaction allows for a recursive exchange of arguments and
modification of assumptions and hypotheses. Our respondents doubt AI’s ability to engage
in such interaction. R20:

If we are talking about some “personality” with whom we can talk, that is, we have an auditor,
that is, this program, this artificial intelligence, it is this auditor, it makes some research, presents
conclusions with which, for example, we disagree, and we think that something has been misread,
we prove, certainly it could have an impact on the risk assessment of the study because then we
have a chance, to prove this artificial intelligence, means opportunity, I emphasise the chance, that
a different look, that is, such a view from the client’s side at their algorithms, that they are built in
this way, and not another, causes that the study could look different.

At its essence, the relativism argument relates to the human inability to accept alternative
reasoning logic.

5.5 Organisational challenges
5.5.1 O1 artificial intelligence misuse. Respondents point to the risk of AI misuse because
AI can outperform humans. R06:

IBM Watson is being trained; it is the first computer program – the program is maybe a strong
word, this is artificial intelligence, this is the system that first won in Jeopardy.

AI could be inherently biased because of the false learning input. R13: “that is, she could be
taught to, for example, falsify information, embellish it” or limitations in learning. R34:

Because I assume that such machine learning requires large sets of data, somehow structured
there? The question is whether this matter in which we work allows us to extract such data.

The deadly combination of excessive capabilities, intentional bias learning, insufficient
learning material and loss of control is the “death pill” feared by respondents in
practice.

5.5.2 O2 excessive human effort. Excessive human effort is required to control and
understand AI, which adds to the cost of AI implementation and maintenance. Respondents
point out that this requires highly qualified staff. R08: “if one of the parties already uses AI, it
means that the qualification must be higher”, and R10: “that for this audit [AI], you need to
take a specialist”. And, legal compliance costs: R36:

It seems this is probably more material for some scientific work than an interview. But I think it
would complicate the study in terms of legal and legislative risks related to the models used, the
auditor’s responsibility for this type of study, and the function of control over this type of audit.

5.5.3 O3 substitution. Excessive human effort motivates professionals to search for
alternatives, such as substantive procedures, to bypass AI risk. R34:
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let’s say if I were researching an investment firm that uses artificial intelligence algorithms to
trade stocks, then let’s say I can check the portfolio’s composition, regardless of whether the
investment decisions were made by the algorithm or the investment advisor in our conditions.

In addition to the arguments in Table 1, our respondents raised eight new arguments across
different challenges and capabilities. These arguments relate to cognitive strain,
consciousness, cyborg paradox, reasoning replicability, relativism, AI misuse, excessive
human effort and substitution. Collectively, they represent business argument feedback
paths, as shown in Figure 1 Panel C.

6. Discussion
This study delineates the divergence between the practical perspectives of professionals and
theoretical discourses concerning AI legal personality. The research question of whether the
arguments in the debate on AI legal personality apply to human-centric services is answered
negatively. This underscores the relationship between practice, policy and theory is
recursive. This paper presents the intersection of identified incremental arguments and
discusses AI personality in the following subsection. It outlines the essence of AI rights and
dynamics to formulate core discussion contributions, namely, AI’s sui generis personality
boundaries and joint accountability.

6.1 Linkage of the identified incremental arguments to legal personality discussion
The cognitive strain argument supports Chen and Burgess’ (2019) discussion. Physical
presence, geographical identification and the ability to discontinue existence are
presumptions for legal personality. The issue of eliminating AI from society (right for
bankruptcy, insolvency, etc.) is not trivial. As Bryson et al. (2017) noted, “when insolvent
human legal persons violate others’ legal rights, other tools are available to hold legal
persons to account—anything from apology to jail time”. In the case of AI, these options are
unavailable, unsatisfying, or ineffective”. Eventually, humans will die, but this does not
necessarily apply to AI. AI and humans are subject to limited resources; a basic one is
energy. If so, a conflict could rationally be expected to arise between humans, AI and AIs
themselves. Thus, a framework with the resolution and enforcement should be available in
advance.

A human represents the corporate legal personality, thus claiming rights and obligations
in the name of such a person. In the case of AI legal personality, a non-human claims the
rights and obligations. Therefore, consciousness, reasoning replicability and relativism
apply simultaneously and concurrently. The entire legal framework is human-centric, but
AI may have unknown future characteristics and capabilities incompatible with the current
human-centric legal framework, making reconciliation difficult. Therefore, equalising
humans and AI in all social and legal aspects is impossible, as they are different social
entities. The difference between human-represented legal persons and AI is similar to that
between humans and animals. Solaiman (2017, p. 171) reports, “chimpanzees are not legal
persons based precisely on the lack of being capable of rights and duties, an essential
requirement of personhood”, implying the inability to reconcile between humans and
animals. The failure originates from the human inability to impose and enforce animals’
duties. Humans are more vital than other living creatures, the dominant species on Earth.
However, this strength may not apply to ASI, where the ability to control and enforce it may
not be ultimately possible for humans. This reasoning is consistent with the respondents’
arguments about the importance of consciousness and reasoning reliability.

We already face authority and science miscommunication regarding AI (robot) civil
rights. For example, there is a contradictory statement on Sophia’s citizenship status
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(Butterworth, 2018; Simnart, 2021). �Cerka et al. (2017) report a case where a computer,
discovering corporate plans to terminate it, sued for the right to exist. This anecdotal
evidence supports this research’s incremental operational challenges: AI misuse, excessive
human effort and potential substitution. All of the evidence suggests a technical clinch,
where the human-centric legal personality framework is inadequate to hold AI accountable,
requiring innovative forms of regulation (Nowik, 2021). Therefore, combining the cyborg
paradox with arguments about consciousness and reasoning reliability supports the view
that the current “slave”-oriented system is unsustainable.

6.2 Limited legal rights to artificial intelligence
The urgency and significance for global society underscores the imperative for addressing
AI subjectivity. Nowik (2021) argues that holding the ultimate benefit of AI is reasonable
but may slow innovation. Butterworth (2018) outlines the spectrum issues surrounding AI
legal personality, from commercial motivations to ethical and systemic concerns. Bryson
et al. (2017) proposed banning or limiting the growth of human-like AI. This view assumes
the ability to enforce such constraints, which is likely to fail in the case of military or illegal
applications. Nyholm (2018) allowed for some AI agencies, such as an automated weapon
system, but limited them to “a type of collaborative agency, where the other key [. . .] is
certain humans”. �Cerka et al. (2017) and Nowik (2021) opt for limited legal autonomy,
allowing AI recognition of limited rights and obligations. This may conflict with the
incremental organisational challenges, consciousness and reasoning replicability arguments
developed in this study.

6.3 Dynamics
Respondents reflected on the speed and acceleration of change, using the argument of time
to lift the attribute of AI’s legal personality. They acknowledged that the environment is
changing rapidly and argued that the solstice point is difficult to identify. They argue that
the dynamics of technological progress outweigh the cyborg paradox, which undermines
Nowik’s (2021) argument that the current industry cannot program AI in a non-algorithmic
way.

6.4 Essential new boundary identified for a sui generis artificial intelligence personality
Like Buiten et al. (2023), this study does not propose a specific legal instrument for AI
personality but identifies its boundaries based on incremental challenges and capabilities.
The instrument should:

� link AI and a compulsory human representative to safeguard reasoning
replicability, relativism and consciousness.;

� implement the friction of physical and time constraints for AI to control cognitive
strains;

� be based on pre-set lists of rights and obligations specific to AI to control the cyborg
paradox;

� prohibit or frame the free form of AI to reconcile with the current industry law
framework;

� make AI, human operators, and legal beneficiaries jointly liable for AI-caused
damages to control for misuse and consciousness; and

� mitigate the risk of human impunity for violating the rights of other legal entities to
control for reasoning replicability and excessive human effort.
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6.5 Joint accountability of human and artificial intelligence
The establishment of sui generis AI personality boundaries paves the way for joint
accountability, necessitating AI systems to feature decision-reasoning capabilities
comprehensible to humans (Barredo Arrieta et al., 2020). AI accountability refers to the
obligation to implement human-understandable AI decision-reasoning capabilities, where
the decision is in the AI’s direction. This proposal reclaims the original meaning of joint
accountability, as Rizzo et al. (1970) offered, allowing discontinuation of the xAI. To limit the
disturbed accountability gap, we centre the ultimate beneficiary of the AI system as the
primary accountable person.

6.6 Limitations
While the divergent viewpoints of practitioners and researchers highlight the complexity of
adapting legal norms to AI advancements, the synthesis of incremental arguments remains
subjective. Additionally, the focus on auditors within Polandmay not fully encapsulate the broader
stakeholder perspectives (such as lawyers, judges and policymakers in different countries),
necessitating further inquiry across diverse legal and cultural contexts to validate thefindings.

7. Conclusion
This study delineates the practical boundaries of AI legal personality, enriching the
discourse on AI’s legal status and accountability, particularly within the context of
accounting. It identifies the practical limits of AI legal personality, asking whether existing
theoretical constraints encompass the practical spectrum for human-centric services. It finds
eight arguments across challenges and capabilities: cognitive strain, consciousness, the
cyborg paradox, reasoning replicability, relativism, AI misuse, excessive human effort and
substitution.

The study proposes a framework for AI: quasi-persons with joint final beneficent risk
liability and human legal representation obligations (a sui generis personality). It
generalises the concept of the joint accountability of the xAI and the ultimate human
beneficiary, which is suitable for implementation by auditors through ethical guidelines.
This framework aims to bridge the gap between current enslaved persons and tools-oriented
legislation andAI’s full social recognition.

The study’s policy implications are that deferring AI legal recognition slows audit
practice development and that the cyborg paradox necessitates a rapid reconstruction of
legal personality institutions. By exploring the conceptual boundaries of a sui generis legal
personality for AI, this study helps policymakers develop a framework for developing
concrete legislative solutions regarding AI accountability.

Acknowledging the limitations of a single, universal legal system in addressing AI is
essential. Nonetheless, the study intimates that adopting a “joint accountability” model on
existing professional ethics codes, such as those for auditors, might be the most practical
approach in the current landscape.

A novel research trajectory posited by this investigation pertains to the mechanism for
imposing obligations upon AI legal entities in audit context, especially given their intangible
and potentially perpetual nature. This domain presents a compelling frontier for future
scholarly exploration.
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Appendix 1. Structured interview questionnaire extract
I. Structured interview questionnaire extract

[..]
7. Are you familiar with the issue of the use of algorithms based on AI in financial and accounting 

programs and/or in the audit (control process)?
8. Do you use algorithms based on AI in financial and accounting programs and/or in the audit 

(control process)? If yes, please describe your experience in this area so far.
9. Have you encountered research issues/discussion on the relationship between the use of AI and 

audit risk? (binary) If yes, please describe your experience in this area so far. 
10. Please respond to the following statements:

Specification 1 2 3 4 5 6 7
The auditor's use of algorithms/tools based on AI during the audit affects 
the audit risk.
The client's use of financial and accounting programs based on AI affects 
the audit risk.
Higher audit risk is associated with the client's use of AI
Higher audit risk is associated with the use of AI by the auditor
In both cases, the risk is the same

1-Definitely not; 2- No; 3-Rather not; 4 -I have no opinion; 5- Rather yes; 6- Yes; 7- Definitely yes
Please substantiate your position.

11. Please respond to the following statements:

Specification 1 2 3 4 5 6 7
The use of AI by the auditor and/or the client should affect the amount of 
the audit fee (audit fees)
The use of AI by the client should increase the amount of the audit fee
The use of AI by the auditor should increase the amount of the audit fee

1-Definitely not; 2- No; 3-Rather not; 4 -I have no opinion; 5- Rather yes; 6- Yes; 7- Definitely yes

Please substantiate your position.
12. In our work, we propose to extend the classic audit risk model to include the risk of AI in the 

following ways:

Audit Risk = Inherent Risk x Control Risk x Detection Risk x AI Risk 

where: AI Risk = Auditor AI Risk x Client AI Risk

12 a) In your opinion, is such an extension of the model justified? Please substantiate your position/reply. 

12 b) To your knowledge, is such an (extended) model already present in practice? 

12 c) If the answers to the above questions (one or both) were affirmative, an additional question: Our 
data did not confirm the relationship between the value of the auditor's fees and the client's use of 
AI. What could be the cause of this? 

13. Please rank the factors included in the presented extended model by importance - considering their 
impact on the audit risk, assuming that 1 is the most important factor and 5 is the least important
factor. 

Factor
Factor validity
(1-5)
Rank from most important to least important

Inherent risk
Control risk 
Detection risk
Auditor AI Risk
Customer AI Risk

Please substantiate your position/reply. (free text)

14. * Would attributing legal personality to AI affect the risk assessment process of the audit?
Please substantiate your position/reply. 

15. * KNF, PANA, MF, PIBR, experts, academics - which group should structure the discussion on 
research risk assessment in an AI environment? Why? 
Please substantiate your position/reply. 

16. Is there anything you would like to add/highlight about the research issues under discussion? 
*Snowball sampling.

Source: own compilation.
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Table A1.
The participants’
characteristics across
positions, sectors and
experience

No. Participant reference Current main role Sector Experience (years)

1 R01 Auditor/researcher Public/private 17
2 R02 Researcher Public 25
3 R03 Researcher Public 10
4 R04 Researcher/auditor Public 23/21
5 R05 Researcher Public 30
6 R06 Researcher/expert Private/public 20/6
7 R07 Researcher Public 22
8 R08 Expert/auditor/manager Public 1, 5/10/25
9 R09 Auditor Private 20

10 R10 Expert/auditor Public 1/14
11 R11 Expert/auditor Public 1/23
12 R12 Expert/researcher Private/public 20
13 R13 Auditor Private 11
14 R14 Auditor Private 20
15 R15 Auditor Private/public 20
16 R16 Researcher Public 20
17 R17 Business Private 4
18 R18 Expert/business Public 10
19 R19 Auditor Private 10
20 R20 Business Private 25
21 R21 Auditor Private 22
22 R22 Auditor Private 10
23 R23 Auditor Private 15
24 R24 Business Private 15
25 R25 Auditor Private 29
26 R26 Auditor Private 20
27 R27 Auditor Private 30
28 R28 Auditor Public 6
29 R29 Auditor Private 20
30 R30 Auditor Private 20
31 R31 Auditor Private 20
32 R32 Auditor Private 17
33 R33 Auditor Private 10
34 R34 Auditor Private 14
35 R35 Researcher/auditor Public/private 18
36 R36 Business Private 15
37 R37 Auditor Private 15
38 R38 Auditor Private 17
39 R39 Auditor Private 8
40 R40 Auditor Private 30
41 R41 Auditor Private 29

Source: Own compilation

MEDAR
32,7

146

Downloaded from http://ftp.nowpublishers.com/medar/article-pdf/32/7/120/9474011/medar-10-2023-2204.pdf by guest on 27 June 2026

mailto:piotr.staszkiewicz@mail.com

	Artificial intelligence legal personality and accountability: auditors’ accounts of capabilities and challenges for instrumentboundary
	Introduction
	Literature review
	Responsibility and accountability of artificial intelligence
	Rights and obligations
	Enforcements

	Conceptual framework
	Research design
	Interviewee data
	Mapping method

	Results
	Overall results
	Incremental challenges and capabilities
	Social challenges
	Undefined namespace prefix
xmlXPathCompOpEval: parameter error
xmlXPathEval: evaluation failed


	Ethical challenges
	Undefined namespace prefix
xmlXPathCompOpEval: parameter error
xmlXPathEval: evaluation failed

	Undefined namespace prefix
xmlXPathCompOpEval: parameter error
xmlXPathEval: evaluation failed


	Organisational challenges
	Undefined namespace prefix
xmlXPathCompOpEval: parameter error
xmlXPathEval: evaluation failed

	Undefined namespace prefix
xmlXPathCompOpEval: parameter error
xmlXPathEval: evaluation failed



	Discussion
	Linkage of the identified incremental arguments to legal personality discussion
	Limited legal rights to artificial intelligence
	Dynamics
	Essential new boundary identified for a sui generis artificial intelligence personality
	Joint accountability of human and artificial intelligence
	Limitations

	Conclusion
	References


